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Abstract: We investigate a rich new class of exactly solvable particle systems general-
izing the Totally Asymmetric Simple Exclusion Process (TASEP). Our particle systems
can be thought of as new exactly solvable examples of tandem queues, directed first-
or last-passage percolation models, or Robinson—Schensted—Knuth type systems with
random input. One of the novel features of the particle systems is the presence of spatial
inhomogeneity which can lead to the formation of traffic jams. For systems with special
step-like initial data, we find explicit limit shapes, describe hydrodynamic evolution,
and obtain asymptotic fluctuation results which put the systems into the Kardar—Parisi—
Zhang universality class. At a critical scaling around a traffic jam in the continuous space
TASEP, we observe deformations of the Tracy—Widom distribution and the extended Airy
kernel, revealing the finer structure of this novel type of phase transitions. A homoge-
neous version of a discrete space system we consider is a one-parameter deformation
of the geometric last-passage percolation, and we obtain extensions of the limit shape
parabola and the corresponding asymptotic fluctuation results. The exact solvability
and asymptotic behavior results are powered by a new nontrivial connection to Schur
measures and processes.
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Fig. 1. Discrete time TASEP with parallel update and its interpretation as a geometric corner growth. In this
time step three particles make a jump attempt but one of them is blocked

1. Introduction

1.1. Discrete time TASEP. The paper’s main goal is two-fold:

e We introduce new stochastic particle systems in discrete and continuous inhomoge-
neous space generalizing the well-known Totally Asymmetric Simple Exclusion Pro-
cess (TASEP), and express their observables (with arbitrary inhomogeneity) through
Schur measures, a widely used tool for getting asymptotic fluctuations in a variety
of stochastic systems in one and two spatial dimensions;

e In a continuous space system which we call the continuous space TASEP, we study
the effect of spatial inhomogeneity on the fluctuation distribution around the traffic
jam, and obtain a phase transition of a novel type.

We begin by recalling the original TASEP, and in the next subsection define its
extension which gives rise to new exactly solvable systems in inhomogeneous space.

The TASEP is one of the most studied nonequilibrium particle systems [Spi70,Kru91,
Joh00], with applications ranging from protein synthesis [MGP68,ZDS11] to traffic
modeling [HelO1]. TASEP in discrete time is a Markov process on particle configurations
in Z (with at most one particle per site) which evolves as follows. During each discrete
time step 7 — 1 — T, every particle flips an independent p-coin to decide whether it
wants to jump one step to the right. Suppose the coin flip for some particle indicates a
jump attempt. If the site to the right is vacant, the particle makes the jump, otherwise it
remains in the same position.! See Fig. 1 for an illustration.

Start the TASEP from the step initial configuration under which the particles occupy
every site of Z g, and there are no particles in Z>¢. Let h(T, x) be the random height
function of the TASEDP, that is, the number of particles to the right of x € Z at time T.
At the level of Law of Large Numbers, the height function grows linearly with time,
and its macroscopic shape evolves according to the hydrodynamic equation [Lig05,
Spo91,Lig99]. The first Central Limit Theorem type result on fluctuations of the height
functions was obtained about two decades ago:

! The standard continuous time TASEP (likely the version most familiar to the reader) is obtained from
this discrete time process by scaling time by p~1and sending p — 0.
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Theorem 1.1 ([JohO0]). There exist functions c1(k), c2(k) such that

lim Prob h(T, LT ) — (T
T—o0 Cz(K)T]/3

where Fgy g is the GUE Tracy—Widom distribution [TW94].

In particular, TASEP fluctuations live on the on T1/3 scale, in contrast with the
T1/2 scale observed in probabilistic systems based on sums of independent random
variables. This result puts TASEP into the Kardar—Parisi-Zhang (KPZ) universality
class [FS11,Cor12,HHT15,QS15,Cor16].

There has been much development in further understanding the asymptotic behavior
of TASEP and related models, including effects of different initial conditions and dif-
ferent particle speeds [ITWO01,GTWO02,PS02,1S05,BFPS07,BFS09,MQR17]. Much of
this work relies on exact solvability of TASEP which is powered by the algebraic struc-
ture of Schur measures and processes [Oko0O1,0R03]. An extension of Theorem 1.1
to ASEP (in which particles can jump in both directions) was proved a decade ago in
the pioneering work of Tracy and Widom [TWO09]. This has brought new exciting tools
of Macdonald polynomials, Bethe Ansatz, and Yang—Baxter equation into the study of
stochastic interacting particle systems [BC14,BP16a].

One important aspect of TASEP asymptotics that has been quite hard to understand
deals with running TASEP in inhomogeneous space. By this we mean that each par-
ticle’s jumping probability p = p, depends on the particle’s current location x. For
the inhomogeneous space TASEP the exact solvability (connections to Schur measures
and processes or Bethe Ansatz) seems to break down. Recent progress has been made
in a particular case of the slow bond TASEP. Namely, if p, = 1 everywhere except
po = 1 — ¢, then for any ¢ > 0 the macroscopic speed of the TASEP at 0 decreases
[BSS14] (see also the previous works [JL92,Sep01,CLST13]). A Central Limit Theorem
for T1/2 Gaussian fluctuations in the slow bond TASEP was established in [BSS17].

> —r) = Fgue(r), r € R,

1.2. Doubly geometric corner growth in discrete space. Let us reinterpret the TASEP
with step initial configuration described above as a geometric corner growth model. The
corner growth is a discrete time Markov process on the space of weakly decreasing
height functions (or interfaces) H : Z>1 — Zx¢ such that H(1) = +ooand H(N) =0
for large enough N. Initially, we have Hy(N) = O for all N > 2, and at each discrete
time step we independently add a 1 x 1 box to every inner corner of the interface with
probability p. Adding a box corresponds to a jump of one particle in the TASEP. See
Fig. 1, where the interface is rotated by 45° to match with the particle system.

We are now in a position to describe an inhomogeneous extension of TASEP in this
corner growth language, after specifying the parameter families.

Definition 1.2 (Discrete parameters). The discrete systems we consider depend on the
following parameters:

~.

a; € (0,+00), 1,2,...;
B € (0, +00), t=1,2,...; (1.1)
v € [—inftzl,izl(ﬂtai), 1), Jj=23....

The parameters in each of the families are assumed to be uniformly bounded away from
the open boundaries of the corresponding intervals.?

2 Throughout most of the paper the parameters v; are additionally assumed nonnegative, but the DGCG
model makes sense under the weaker restrictions v; + fra; > 0 forall i, 7, j.
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Fig. 2. A possible step in DGCG. The inner corners before the step are at locations 2, 4, 5, and 7

The doubly geometric inhomogeneous corner growth model (DGCG, for short) is,
by definition, a discrete time Markov chain Hr (N) on the space of height functions,
where N is the spatial variable and T means discrete time.

The random growth proceeds as follows. Let 2 = N; < --- < N be all inner
corners of Hr, i.e., all locations at which Hr (N; — 1) > Hr (N;). During the time step
T — T + 1, at every inner corner N; we independently add a 1 x 1 box (i.e., increase
the interface at N; by one) with probability

Brr1an; —1

Prob (add a box at inner corner N; atstep7 — T + 1) = .
1+ Brv1an; -1

(1.2)

If a box at N; is added, we also instantaneously add an independent random number
< Nijt1 — N; — 1 (with Ni41 = +00, by agreement) of boxes to the right of it according
to the truncated inhomogeneous geometric distribution

Prob (add 0 < m < N;;; — N; — 1 more boxes)

_ |p@p)...pen = (1 =p@m)), 0<m < Nig1 —N; —1;

= 1.
pO)p)...p(Niy1 — N; —2), m = Ny — N; — 1, (13)

where

VriN; + Br1ar+N;

(1.4)
L+ Brv1ar+n;

P(r) = pri1,n; (r) =

(note that this quantity is nonnegative, as it should be). See Fig. 2 for an illustration.

In the simpler homogeneous case a; = 1, ; = B, v; = v (note that setting a; to
the particular constant 1 does not restrict the generality of the homogeneous model),
the random growth H7(N) uses two independent identically distributed families of
geometric random variables (hence the name “doubly geometric corner growth”):

e Anew | x 1 box is added after a geometric waiting time with probability of success

B
1+8°
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e If a box is added, we also instantaneously add an independent random number
of 1 x 1 boxes to the right of the added box according to the truncated geometric
distribution

+ﬁ m 1— .
(ll)-l—_ﬂ) T/‘S)’ 0<m<M,;
Prob(add 0 < m < M more boxes) = (1.5)

M
v+B _
(—1+,3) . m=M,

where M is the maximal number of boxes which can be added without overhanging.

Remark 1.3. When we formally set v = —f and p = %, the homogeneous DGCG
model becomes the usual TASEP (in its geometric corner growth formulation). Indeed,
for v = —f no extra boxes are instantaneously added to the randomly growing interface.
In Sect. 6 we discuss the relation between the limit shape of the usual geometric corner
growth and the homogeneous DGCG model.

The homogeneous DGCG was suggested in [DPPP12,Pov13] and further studied (on
a ring) in [DPP15]. Similar tandem queuing and first-passage percolation models also
appeared earlier in [Woe05,Mar(09].

1.3. Continuous space TASEP. Let us now describe our second and main model, the
continuous space TASEP. It is a continuous time Markov process on the space of finite
particle configurations in R~ . The particles are ordered, and the process preserves the
ordering. More than one particle per site is allowed, and one should think that particles
at the same site form a vertical stack (consisting of > 1 particles). It is convenient to
think that there is an infinite stack of particles at location 0.

The process depends on a speed function £(y), y € Rxo, which is assumed positive,
piecewise continuous, and bounded away from 0 and +00. We also need a scale parameter
L > 0 which will later go to infinity. The process evolves as follows:

Definition 1.4 (Evolution of the continuous space TASEP). New particles leave the infi-
nite stack at 0 at rate’ £(0). If there are particles in a stack located at x € R, then
one particle may (independently) decide to leave this stack at rate £(x). Almost surely
at each moment in time only one particle can start moving. Finally, the moving particle
instantaneously jumps to the right by a random distance min(Y, x"”) — x), where Y is
an independent exponential random variable with mean 1/L, and x" is the coordinate
of the nearest stack to the right of the one at x (x") = +oo0 if there are no stacks to the
right of x). In other words, if the desired moving distance is too large, then the moving
particle joins the stack immediately to the right of its old location.
See Fig. 3 for an illustration.

The continuous space TASEP arises from the DGCG in a certain Poisson type limit
transition which preserves exact solvability. We study asymptotic behavior of the con-
tinuous space TASEP in an arbitrary landscape described by the function &(-). We obtain
the limit shape and investigate fluctuations and phase transitions at points of discontin-
uous decrease in £. These points can be interpreted as traffic accidents, road work, or
drastic changes in the landscape, and may lead to traffic jams. By a traffic jam we mean
the presence of a large number of particles in a small interval, which corresponds to a
discontinuity of the macroscopic height function.

3 We say that a certain event has rate 1 > 0 if it repeats after independent random time intervals which
have exponential distribution with rate « (and mean u*] ).
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Fig. 3. A possible jump in the continuous space TASEP

Remark 1.5. Tt is possible to add obstacles of another type to the continuous space
TASEP. These are fixed sites b € R (interpreted as traffic lights or roadblocks) which
with some positive probability capture particles flying over them (precise definition in
Sect. 2.3). Roadblocks may create shocks of Baik—Ben Arous—Péché type. The corre-
sponding asymptotic results are given in Sect. 4.

1.4. Results. Let Hr (N) be the height function (= interface) of DGCG with the initial
condition Hy(N) = 0 for N > 2. In the continuous space TASEP, let H(¢, x) count
the number of particles to the right of the location x at time ¢ (when initially the line
R. ¢ has no particles). The first main result of the paper connect both families of random
variables {Hr (N)}7 and {H(¢, x)}, (for fixed N and y, respectively) to determinantal
processes. In particular, the joint distribution of {HTj (N + 1)} coincides with the joint
distribution of the leftmost points in a certain Schur process depending on the parameters
ai,...,an,{B:}, and vo, ..., vy. The determinantal structure of the continuous space
TASEP’s height function {H (¢, x)}; is obtained as a limit from the DGCG case. See
Sects. 3.2 and 3.3 for detailed formulations of structural results.

Our second group of results concern asymptotic analysis. Using the determinantal
structure, we investigate the asymptotic behavior of the continuous space TASEP, that
is, study H(OL, x) as L — oo and the speed function £(-) is fixed (there is no need to
scale the continuous space). Our asymptotic results are the following:

e (Law of Large Numbers; Theorem 4.5) We show that there exists a deterministic
limit (in probability) of the rescaled height function L~ 'H (0L, x) as L — +oc. The
limit shapes is a Legendre dual of an explicit function involving an integral over the
inhomogeneous space.

e (Hydrodynamic equations; Appendix B) We present informal derivations of hydro-
dynamic partial differential equations for the limiting densities in DGCG and the
continuous space TASEP. This is done by constructing families of local translation
invariant stationary distributions of arbitrary density, and computing the flux (also
called current) of particles.

e (Central Limit type Theorem; Theorem 4.6) We show that generically the fluctua-
tions of the height function around the limit shape are of order L!/3 and are governed
by the GUE Tracy—Widom distribution as in Theorem 1.1. We also consider the cor-
responding fluctuations at a single location and different times, leading to the Airy,
process. In the presence of shocks caused by roadblocks we observe a phase transition
of Baik—Ben Arous—Péché type.

e (Fluctuations in traffic jams; Theorem 4.7) The most striking feature of our asymp-
totic results is a phase transition of a new type in the continuous space TASEP.
Namely, there is a transition in fluctuation distribution as one approaches a point of
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discontinuous decrease in the speed function &(-) from the right. There is a critical
distance from the jump discontinuity of £(-) at which the fluctuations are governed
by a deformation of the GUE Tracy—Widom distribution. This deformation can in
principle be also obtained in a limit of an inhomogeneous last-passage percolation,
or in a multiparameter Wishart-like random matrix model. Both models were con-
sidered in [BPO8], and our kernel for the deformed GUE Tracy—Widom distribution
is a particular case of formula (6) in that paper.

We leave a detailed investigation of the DGCG model (including phase transitions in
fluctuations) for a future work. Here we only consider the homogeneous DGCG which
depends on two parameters 8 > 0 and v € [—f, 1) and is a one-parameter extension
of the standard corner growth model. We show (Sect. 6) that the limit shape in the
homogeneous DGCG is a one-parameter deformation of the corner growth’s limit shape
parabola, and obtain the corresponding GUE Tracy—Widom fluctuations.

1.5. Methods. Since the seminal works [BDJ99,Joh00,BOO00,0ko01,0R03] about
two decades ago, Schur measures and processes proved to be a very successful tool
in the asymptotic analysis of a large class of interacting particle systems and models of
statistical mechanics. These methods of Integrable Probability also serve as our main
analytic tool. However, the connection between the models we consider and Schur pro-
cesses is not that apparent. We consider establishing and utilizing this connection an
important part of the paper. From this point of view, DGCG and continuous TASEP
extend the field of classical models solved by means of Schur functions.

Curiously, it became possible to find this connection to Schur processes only due to
recent developments in the study of stochastic higher spin six vertex models. Namely,
the continuous space TASEP is a g “\ 0 degeneration of the inhomogeneous exponential
jump model studied in [BP18b]. The methods used in that paper involved computing
g-moments of the height function of the model, and break down for g = 0 (see Sect. 2.4
below for more detail). Here we apply a different approach based on a nontrivial coupling
[OP17] between the stochastic higher spin six vertex model and ¢-Whittaker measures
and processes. This coupling survives passing to the g N\ O limit and produces a cou-
pling between DGCG and Schur processes, which circumvents the issue of not having
observables of g-moment type for ¢ = 0. Moreover, at ¢ = 0 the g-Whittaker processes
turn into the Schur ones which possess determinantal structure [OkoO1,ORO03].

The passage from DGCG to the continuous space TASEP preserves the determinantal
structure coming from the Schur measures. The determinantal process associated with
the continuous space TASEP lives on infinite particle configurations and depends on
the arbitrary speed function £(-). In particular cases this limit transition has appeared
in [BO07,BD11,BO17]. In full generality this limit of Schur measures and processes
seems new.

To obtain our asymptotic results, we perform analysis of the correlation kernel (writ-
tenin a double contour integral form) by the steepest descent method. Because of the pres-
ence of inhomogeneity parameters in the kernel, the steepest descent analysis requires
several difficult technical estimates.

We also note that using the determinantal methods of Schur measures and processes
we are able to analyze the asymptotic behavior of joint distributions of the height function
at different times (of either DGCG or the continuous space TASEP) at a single location.
It is interesting that the Schur structure we employ does not cover joint distributions at
several space locations (see Sect. 2.4 for more discussion). A companion paper [Pet19]
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deals with a simpler model in inhomogeneous space in which an analysis of certain joint
distributions across space and time is possible.

1.6. Equivalent formulations. Boththe DGCG and the continuous space TASEP possess
a number of equivalent formulations and interpretations most of which mimic equiva-
lences known for the usual TASEP.

The doubly geometric corner growth model has the following interpretations:

e A corner growth model, the original definition in Sect. 1.2;

e A generalization of the classical TASEP from Sect. 1.1 in which the jumping distance
of each particle is the product of independent Bernoulli and the geometric random
variables:*

Prob(j) = j € Zso. (1.6)

1+8 1+8 \1+8 1+B°
Jumping over the particle to the right is forbidden. See Fig. 4 for an illustration, and
Appendix A.1 for more detail. We call (1.6) the geometric-Bernoulli distribution (or
gB distribution, for short).

e Via the exclusion/zero range duality (essentially, by looking at the growing DGCG
interface in the (H, N) coordinates) the DGCG can be interpreted as a zero range
process with the gB hopping distribution.

e A directed last-passage percolation model with a random environment type modi-
fication (Appendix A.2).

e A directed first-passage percolation model on a strict-weak lattice with indepen-
dent gB distributed weights (Appendix A.3). This interpretation is closely related to
applying the column Robinson—Schensted—Knuth (RSK) correspondence to arandom
matrix with independent gB distributed entries. Limit shapes for this (homogeneous)
model were considered previously in [Mar09].

e A free fermion type degeneration of the stochastic higher spin six vertex model
studied in, e.g., [Bor17,CP16,BP18a].

e Via a coupling of [OP17], certain observables of the (free fermion degenerate)
stochastic higher spin six vertex model are mapped to those in a TASEP with time-
mixed geometric and Bernoulli steps. The latter is directly linked to Schur processes
providing a crucial ingredient for exact solvability of the DGCG.

1.,':0 +,31j21 (U+,3>jl 1—v

The last two interpretations are explained in Sect. 2, and are crucially employed in the
proof of the determinantal structure of DGCG and continuous space TASEP in Sect. 3.

In the limit to the continuous space TASEP the first-passage percolation model com-
ing out of DGCG turns into a semi-discrete directed first-passage percolation, with a
modification that each point of a Poisson process has an additional independent expo-
nential weight. See Appendix A.4.

Moreover, the continuous space TASEP has a natural formulation as a continuous
time tandem queuing system. The jobs (= particles) enter the system according to a
Poisson clock at 0. Each point of the real line is a server with exponential service times
(and the rate depends on the server’s coordinate). The job processed at one server is sent
to the right (according to an exponential random distance with mean 1/L) and either
joins the queue at the nearest server on the right, or forms a new queue.

4 Throughout the paper 14 stands for the indicator of an event A. By 1 (without subscripts) we will also
mean the identity operator.
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Fig. 4. DGCG model and its matching to a generalization of TASEP which we call the gB-TASEP

1.7. Related work on spatially inhomogeneous systems. The study of interacting particle
systems in inhomogeneous space started with numerical and hydrodynamic analysis.
Numerical simulations were mainly motivated by applications to traffic modeling [KF96,
Ben+99,Kru00,DZS08,Hel01].

The hydrodynamic treatment of interacting particle systems is the main tool of their
asymptotic analysis [Lig05,Lig76,And82,AK84,Spo91,Lig99] in the absence of exact
formulas. This technique allows to prove the law of large numbers and write down a
macroscopic PDE for the limit shape of the height function. Hydrodynamic methods
have been successfully applied to spatially inhomogeneous systems including TASEP
in, e.g., [Lan96,Sep99,RT08,GKS10,Call5].

Limit shapes of directed last-passage percolation in random inhomogeneous environ-
ment have been studied in [SK99] and more recently in [Emr16,CG18]. Other spatially
inhomogeneous systems were considered in, e.g., [BNKR94, TTCB10,Blal1,Blal2],
with focus on condensation/clustering effects and understanding of phase diagrams.

A stochastic partial differential equation limit of the spatially inhomogeneous ASEP
was obtained recently in [CT18]. This limit regime to an SPDE differs from the one we
consider since one needs to scale down the ASEP asymmetry, while we work in a totally
asymmetric setting from the beginning.

Rigorously proving asymptotic results on fluctuations in interacting particle systems
in the KPZ universality class typically require exact formulas. A first example of such a
result is Theorem 1.1 of [JohOO] which essentially utilizes Schur measures. In the pres-
ence of spatial inhomogeneity, however, integrable structures in systems like TASEP
break down. In fact, the understanding of asymptotic fluctuations remains a challenge
for most spatially inhomogeneous systems in the KPZ class. An exception is the Gaus-
sian fluctuation behavior in the slow bond TASEP established recently in [BSS17]. In
contrast, inserting particle-dependent inhomogeneity parameters (i.e., when particles
have different speeds) preserves most of the structure which allows to get asymptotic
fluctuations, e.g., see [Bai06,BFS09,Duil3,Barl5].

In principle, the (time)!/? scale of fluctuations in certain spatially inhomogeneous
zero range processes may be established as in [BKS12], but this does not give access to
fluctuation distributions. The previous work [BP18b] is a first example of rigorous fluc-
tuation asymptotics (to the point of establishing Tracy—Widom fluctuation distributions)
in a spatially inhomogeneous TASEP-like particle system (which is a g-deformation of
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our continuous space TASEP). The present work improves on the results of [BP18b] by
treating joint fluctuations in the ¢ = 0 system and looking at fluctuations close to traffic
jams. Overall, in this paper we explore a whole new family of natural exactly solvable
systems with spatial inhomogeneity.

1.8. Outline. The paper is organized as follows. In Sect. 2 we describe how the DGCG
model is related to a (free fermion) stochastic higher spin six vertex model, and get
the continuous space TASEP as a Poisson-type limit of DGCG. We also recall the
(degeneration of) the result of [OP17] linking the stochastic vertex model to a TASEP
with mixed geometric and Bernoulli steps. In Sect. 3 we show how the latter connection
leads to a determinantal structure in both the DGCG and continuous space TASEP
models. In Sect. 4 we formulate the asymptotic results about the continuous space
TASEP and the homogeneous DGCG, and prove them in Sect. 5. In Sect. 6 we discuss
the homogeneous version of the DGCG model, obtain its limit shape and fluctuations,
and show that they present a one-parameter extension of the celebrated geometric corner
growth model.

In Appendix A we discuss in detail a number of equivalent combinatorial formulations
of the DGCG and the continuous space TASEP. Appendix B presents informal derivations
of hydrodynamic partial differential equations. Appendix C contains the definitions of
various fluctuation kernels appearing in the paper.

Notation. Throughout the paper C, C;, ¢, ¢; stand for positive constants which are inde-
pendent of the main asymptotic parameter L — +00. The values of the constants might
change from line to line.

2. Stochastic Vertex Models and Particle Systems

Here we explain how the DGCG and continuous space TASEP defined in Sects. 1.2
and 1.3 are related to a certain stochastic vertex model. Joint distributions of the height
function in the latter model are coupled to a TASEP with time-mixed geometric and
Bernoulli steps via results of [OP17] which we also recall.

2.1. Schurvertex model. We begin by describing a stochastic vertex model whose height
function coincides with the DGCG interface Hy (7). Both models depend on the param-
eters a;, v;, B; from Definition 1.2.

First we recall a ¢g-dependent inhomogeneous stochastic higher spin six vertex intro-
duced in [BP18a]. We follow the notation of [OP17] with the agreement that the param-
eters u; in the latter paper are expressed through our parameters as u; = —f; > 0,
t =1, 2, .... The stochastic higher spin six vertex model is a probability distribution on
the set of infinite oriented up-right paths drawn in (N, T) € Z>» X Z>1, with all paths
starting from a left-to-right arrow entering at some of the points {(2,7): T € Z>1}
on the left boundary. No paths enter through the bottom boundary. Paths cannot share
horizontal pieces, but common vertices and vertical pieces are allowed. The probability
distribution on this set of paths is constructed in a Markovian way. First, we flip indepen-
dent coins with probability of success a1 87 /(1 +a1Br),t € Z=1, and for each success
start a path at the point (2, T') on the left boundary.

Then, assume that we have already defined the configuration inside the triangle
{(N,T): N+ T < n}, where n > 2. For each vertex (N, T) with N + T = n, we
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Fig. 5. Sampling a path configuration inductively

know the number of incoming arrows (from below and from the left) into this vertex.

Sample, independently for each such vertex, the number of outgoing arrows according

to the stochastic vertex weights Lgfv) oy Br given in Definition 2.1 below. In this way the

path configuration is now defined inside the larger triangle {(N, T): N + T < n + 1},
and we can continue inductively. See Fig. 5 for an illustration.

Definition 2.1. The (g-dependent) vertex weights is a collection Lz(;,]]);, ﬁ(i 1, J15 02, j2),
i1,i2 € Z>o, j1, j» € {0, 1}, where i; and j; are the numbers of arrows entering the
vertex, respectively, from below and from the left, and i> and j, are the numbers of arrows
leaving the vertex, respectively, upwards and to the right. The concrete expressions for

quyl))’ 5 are given in the following table:

Y g—1 g g+1
VR | - 0 (Q sesssns 1 1 1 I 1} - 0
g g g9 g
(@) 1+ afBq¢9 af(l—¢q9%) vqd + af3 1—wvg9
a8 1+ap 1+ap 1+ap 1+ap

Here g € Z> is arbitrary. Note that the weight automatically vanishes at the forbid-
den configuration (0, 0; —1, 1).

)

We impose the arrow preservation property: Lc({q’v’ ﬂ(i 1, j1; i2, j2) vanishes unless i1 +

J1 = i2 + jo (i.e., the number of outgoing arrows is the same as the number of incoming
ones). Moreover, the weights are stochastic:

3 Ll g, isin, ) =1, L) 4G, jisia, o) = 0. (2.1)
i2,j2€2L>0" I+ j2=i1+]1

The nonnegativity of the weights holds if ¢ € [0, 1),a, 8 € (0, +00),and v > —ap. We
can thus interpret Lf(lql)} 8 (i1, j1; i2, j2) as a (conditional) probability that there are i and
J» arrows leaving the vertex given that there are i and j; arrows entering the vertex.

The weights Lflql)} B remain stochastic when setting ¢ = 0. The new vertex weights
depend on whether i is zero or not, and are given in Fig. 6. We call the corresponding
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0 0 1
() wemeeen A 0 ] —— 1 1 .)J ...... 0
0 0 0
| (a=0) 1 v+af 1—v
a8 1+4+ap 14+ ap
g g—1 g g+1
T | - 0 () weeees 1 1 1 1 S|l .eeen 0
g9 g g g9
| (a=0) 1 af af 1
a,v,3 1+ap 1+ap 1+a0 1+ap

Fig. 6. The vertex weights for ¢ = 0. Everywhere in the second row we have g > 1

Fig. 7. Astep T — T + 1 in the Schur vertex model viewed as a parallel update. The path at 2 decides to
travel by 2. The path at 5 starts traveling, but when it reaches 6 it has to stop. The path at 6 decides not to
travel

stochastic higher spin six vertex model the Schur vertex model due to its connections
with Schur measures which we explore later.

One crucial observation regarding the ¢ = 0 weights in Fig. 6 is that L;qv: 0 (i1, J1;
i2, j2) depends on j; only if iy = 0. That is, the evolution T — T + 1 in the Schur vertex
can be regarded as a parallel update (for this reason one can say that setting ¢ = 0 means
a “free fermion” degeneration). In particular, each nonempty cluster of paths at each
horizontal coordinate N independently decides (with probability ay Br+1/(1+an Br+1))
to emit one path which travels to the right. This traveling path then makes a random
number of steps to the right, at each step deciding to continue or to stop with probabilities
corresponding to the vertices (0, 1; 0, 1) or (0, 1; 1, 0), respectively. If the path reaches
the neighboring cluster of paths on the right, then it has to stop. See Fig. 7 for an
illustration. This establishes a correspondence between the Schur vertex model and the
DGCG model from Sect. 1.2:

Proposition 2.2. The height function of the g = 0 vertex model
Hr (N) = #{paths which are > N at vertical coordinate 7'}

is the same as Hy (N) in the DGCG model.
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2.2. TASEP with mixed geometric and Bernoulli steps. This subsection is essentially a
citation (and a ¢ = 0 degeneration) of [OP17] mapping the Schur vertex model to a
TASEP with mixed steps. We continue to work with the parameters a;, B, v; as in Def-
inition 1.2, but in addition require that v; > 0. In the mixed TASEP, the inhomogeneity
is put onto particles, not space: each particle Y; is assigned the parameter ;.

Definition 2.3. The geometric step with parameter ¢ > 0 such that g;a < 1 for all i
applied to a configuration Y = (Y1 > Y2 > ...) in Z (with at most particle per site and
densely packed at —o0) is defined as follows. Each particle Y; with an empty site to the
right (almost surely there are finitely many such particles at any finite time) samples an
independent geometric random variable g; with distribution

Prob(g; = m) = (aja)" (1 —aja), m € Z>o,

and jumps by min(g;, Y; 1 — Y; — 1) steps to the right (with Yy = +o0 by agreement).
See Fig. 4 in the Introduction for an illustration of a possible jump (though note that the
jump’s distribution differs from the one in the figure). When o = 0, the geometric step
does not change the configuration.

Definition 2.4. Under the Bernoulli step with parameter § > 0, the configuration Y is
randomly updated as follows. First, each particle Y; tosses an independent coin with
probability of success a;B8/(1 +a;B). Then, sequentially for j =1, 2, ..., the particle
Y; jumps to the right by one if its coin is a success and the destination is unoccupied.
If the coin is a failure or the destination is occupied, the particle Y; stays put. (The first
particle Y1 moves with probability a1 8/(1 +a; B) since there are no particles to the right
of it.) Since the probability of success is strictly less than 1, the jumps eventually stop
because the configuration is densely packed at —oo.

Note that this Bernoulli step has sequential update as opposed to the parallel update
in the discrete time TASEP discussed in Sect. 1.1.

Definition 2.5. The mixed TASEP {Y;(N — 1; T)} with parameters a; > 0, §; > 0,
v; € [0,1), and N € Z> is a discrete time Markov process on particle configura-
tions on Z (with at most one particle per site) defined as follows. Starts from the step
initial configuration Y;(0; 0) = —j, j € Z>; and first make N — 1 geometric steps
with parameters v2/az, ..., vy /ay (some of these parameters might be zero; the corre-
sponding geometric steps do not change the configuration). Let Y (N —1; 0) denote the
configuration after these geometric steps. Then make 7' Bernoulli steps with parameters
Bi1, ..., Br, and denote the resulting configuration by Y (N—-1,T).

Theorem 2.6 ([OP17]). Fix N € Z>1 and 0 < T} < --- < T;. We have the following
equality of joint distributions between the Schur vertex model and the mixed TASEP:

{Hr, (N} _ £ {yn (N = 1:T)) + N} 2.2)

¢
j=1"
Proof. This follows by setting g = 0 in Theorem 1.1 (or Theorem 5.9) in [OP17]. Note
that in contrast with the observables of g-moment type, setting ¢ = 0 in these equalities
in distribution is perfectly justified, and leads to the desired result (cf. Sect. 2.4 below
for more discussion). O

Together Proposition 2.2 and Theorem 2.6 link the joint distributions of the DGCG
(at a single location and different times) to those in the mixed TASEP. The latter are
known to be certain observables of Schur processes. In this way we see that the DGCG
possesses a determinantal structure. The structure is described in detail in Sect. 3 below.
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Rate = £(z), Prob = p(b1)

X 3

0 @ b1 € B by € B

Fig. 8. A possible jump in the continuous space TASEP X (7). The jump occurs at rate &(x). The moving
particle overcomes the roadblock at b1 with probability p(b;), and joins the next stack because the particles
preserve order

2.3. Continuous space TASEP as a limit of DGCG. Let us now explain how the DGCG
(equivalently, the Schur vertex model) converges to the continuous space TASEP. We
will consider a more general process which includes roadblocks. Thus, the continuous
space TASEP is a continuous time Markov process {X (¢)};>0 on the space

X:={x1>x>--->x>0): x; e Rand k € Z>y is arbitrary}

of finite particle configurations on R ¢. The particles are ordered, and the process pre-
serves this ordering. However, more than one particle per site it allowed.
The Markov process X (¢) on X depends on the following data:

e Distance parameter L > 0 (going to infinity in our asymptotic regimes);

e Speed function £(y), y € R>o, which is assumed to be positive, piecewise contin-
uous, have left and right limits, and uniformly bounded away from 0 and +o0;

e Discrete set B C R. (whose elements will be referred to as roadblocks) without
accumulation points such that there are finitely many points of B in a right neighbor-
hood of 0. Fix a function p : B — (0, 1).

The process X (¢) evolves as follows:

e New particles enter R~ (leaving 0) at rate £(0);

e If at some time ¢ > O there are particles at a location x € R. ¢, then one particle
decides to leave this location at rate £ (x) (these events occur independently for each
occupied location). Almost surely at each moment in time only one particle can start
moving;

e The moving particle (say, x ;) instantaneously jumps to the right by some random
distance x;(t) — x;(t—) = min(Y, x;_1(t—) — x;(t—)) (by agreement, xo = +00).
The distribution of Y is as follows:

Prob(Y > y) = e & H p(b).
beB, x;(t—)<b<x;(t—)+y

This completes the definition of the continuous space TASEP. See Fig. 8 for an illustra-
tion.
We define the height function of the process X (t) by

H(t, x) := #{particles x; at time ¢ such that x; > x}.

The height function H(z, x) is almost surely weakly decreasing in x € R.g and
lim, 100 H(t, x) = 0. Additionally, it is very convenient to assume there are infinitely
many particles at location 0, so that H(z, 0) = +oo.
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Let us now describe the regime in which the DGCG converges to the continuous
space TASEP. Let ¢ > 0 be a small parameter, and set 8, = ¢ for all 7. Scale the discrete
time and space of the DGCG as

T=|e', N=le"x]
To define the scaling of the @;’s and the v;’s, denote B® = {le™'b],b e B} C Z>1. Set
ar=£0), a;=£(e), vi=e ", jeZn\B, (2.3)
and
ai = £(b), vi=pb), wherei= e 'b]forbeB. (2.4)

In particular, all v; can be chosen nonnegative, and v; — 1 for almost all j. The
roadblocks correspond to the indices i such that v; < 1. Note that if £(-) is discontinuous
at 0 then the rate at which particles are added to the system from the infinite stack at O
is different from lim, .0+ £(x).

Theorem 2.7. As ¢ — O under the scalings described above, the DGCG height function
converges to the one for the continuous space TASEP as Hr(N) — H(t, x), in the
sense of finite-dimensional distributions, jointly for all (t, x).

Proof. First, pass to the Poisson-type continuous time limit 8; = § — 0 in the DGCG,
keeping the space and all other parameters «;, v; intact. Interpret this intermediate con-
tinuous time DGCG as a particle system on Zx1, with Hr (N) — Hr (N — 1) particles
at each N > 2, and infinitely many particles at 1. Then new particles are added to the
continuous time DGCG at rate ,3_1% = aj + O(B) (see, e.g., the second line of
Fig. 6)

Now take the e-dependent parameters g;, v; as above in the continuous time DGCG.
We can couple this DGCG (for all ¢ > 0) and continuous space TASEP such that they
have the same number of particles at each time. This is possible since particles are added
to both systems according to Poisson processes of rate a; = £(0). This coupling reduces
the problem to finite particle systems, and one readily sees that all transition probabil-
ities in DGCG converge to those in the continuous space TASEP (geometric random
variables in DGCG become the exponential ones in the definition of the continuous
space TASEP). O

Theorem 2.7 thus brings the Schur process type determinantal structure from the
DGCG to the continuous space TASEP.

2.4. Comments. Let us make two detailed comments on the determinantal structure of
the DGCG and the continuous space TASEP which is outlined above (detailed formu-
lations of the determinantal structure are given in Sect. 3 below).

Limit as ¢ — 0 of previously known formulas. First, we compare the existing methods
to solve the g-deformations of the systems considered in the present paper. In the g-
deformed setting, [CP16,BP18a,BP18b] obtain formulas of two types:

@
e The g-moments of the height function ]EquTq M ke Z>1 (where H;q) is the
height function of the g-dependent vertex model from Sect. 2.1), are expressed as



A. Knizel, L. Petrov, A. Saenz

k-fold nested contour integrals of elementary functions (for shortness, we do not
specify the contours):

kk 1)/2
EghHr ) = - y{ yg dw: .. l_[ Wi —Wwj
(271«/ )2 Iziejoi Wi T AW)
Xﬁ ﬁ '—v]w,ﬁl+qﬂjwr
ol l—w,/al ! — Wy i1 L+ 8w,

/:

HP(N).

e The g-Laplace transform’ ]E((g'q q)oo) " is written as a Fredholm determi-

nantdet(1+K ;q)) of akernel which itself has a single contour integral representation:

;/r( WO +uy(—gyr S du
27/—1 ¢ g(q"w) g*w —

where g(w) contains infinite g-Pochhammer symbols and is such that g (w, ) /g (qw,)
is equal to the r-th term in the product in the above g-moment formula. Again, to

K (w,w') =

shorten the exposition we do not specify the integration contour in K, ) or the space
on which this kernel acts.

Both the g-moment and the Fredholm determinantal formulas characterize the dis-
tribution of H}‘”(N ) uniquely. As ¢ — 0, the height functions H;q) (N) converge to
the DGCG height function (denote it by H;g:O) (N ) in this subsection). However, at

@ -
g = 0 both the observables ]EquTq (M) and E((gq ), q)oo) : provide almost no
information about the distribution of H}FO)(N ).

In principle, before passing to the ¢ — 0 limit, one could invert the g-Laplace
transform to express the distribution of H}q) (N) in a form which survives the g — 0
transition. This inversion would involve taking an extra contour integral of the Fredholm
determinant det(1 + K (q)) (e.g., see [BC14, Proposition 3.1.1]), and the result would
contain g in a very nontr1v1al manner. Instead of passing to the g — O limit in this rather
complicated Fredholm determinant, we utilize the connection of the g-dependent vertex
model to the g-Whittaker processes found in [OP17] which easily survives the ¢ = 0
degeneration. In this way we relate H;q:O) (N) to Schur processes (which are the g = 0

limits of the g-Whittaker processes), and then obtain asymptotic results by working with
determinantal processes.

Joint distributions at different space locations. Let us now discuss a limitation of the
determinantal structure in describing the joint distributions of the height function Hr (N)
(or H(t, x)) across different spatial locations.

The g = 0 degeneration of the results of [OP17] implies a more general equality of
joint distributions than (2.2). Let us describe the simplest nontrivial example. The joint
distribution of Hy (N;) and Hy(N3), Ni < N», can be described as follows. First, we

have Hy (Ny) 4 Yn,(N1—1; T)+ Ny, where Y is the mixed TASEP from Definition 2.5.
Take the random configuration

YN = 1;T) = (Yi(Ny = 1;T) > Ya(N; — 1; T) > ..),

5 Here (a; ¢)oo = (1 —a)(1 —aq)(1 —aq?) ... is the infinite g-Pochhammer symbol.
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and apply to it N — Ny additional geometrlc steps with parameters vy, +1 / ANy+1s -+ - VN, /AN,
Denote the resulting configuration by Y. (In fact, the distribution of Y’ c01nc1des with

that of ¥ (N — 1; T) from Definition 2. 5 but note that the order of geometric and
Bernoulli steps in Y’ is not the same as in Y(N2 — 1; T).) Then we have

(Hr (N, Hr (N2)} £ {Yy, (N1 — 1;T) + N1, Yy, + Na} .

The joint distribution in the right-hand side is not given by a marginal of a Schur pro-
cesses.

Joint distributions in TASEP corresponding to increasing both the particle’s number
and the time are known as time-like (see, e.g., [DLSS91,Fer08] about the terminology).
Their asymptotic analysis is typically much harder than the one of the space-like joint
distributions (which for TASEP are related to marginals of Schur processes). Asymp-
totic analysis of two-time time-like joint distribution in the last-passage percolation was
performed recently in [Joh16,Joh18]. (See also references to related non-rigorous and
experimental work in the latter paper.) In the present work we do not consider joint
distributions of the height function Hr (N) involving more than one space location.

3. Determinantal Structure via Schur Processes

In this section we derive the determinantal structure of the DGCG and the continuous
space TASEDP. First, we recall the Schur processes and their determinantal structure (as
applied to our concrete situation). Then, using Proposition 2.2 and Theorem 2.6, we
obtain determinantal formulas for the DGCG model. A limit to continuous space then
leads to determinantal formulas for the continuous space TASEP. Throughout the section
the parameters a;, fB;, v; are assumed to satisfy (1.1), with an additional restriction
Vi = 0.

3.1. Schur processes.

3.1.1. Young diagrams A partition is a nonincreasing integer sequence of the form
A= (A1 =+ > Agn) > 0). The number of nonzero parts £(A) (which must be finite) is
called the length of a partition. Partitions are represented by Young diagrams, such that
A1, A2, ... denote the lengths of the successive rows. The column lengths of a Young
diagram are denoted by A} > A} > .... They form a transposed Young diagram 1. See
Fig. 9. The set of all partitions (equivalently, Young diagrams) is denoted by Y.

Let 1, A be two Young diagrams. We say that A differs from u by adding a horizontal
strip (notation 1 < 1) iff 0 < A} — uu; < 1 for all i. We say that 2 differs by u by adding
a vertical strip (notation u <" 1) iff u' < 1.

3.1.2. Schur functions For each Young diagram A, let s, be the corresponding Schur
symmetric function [Mac95, Ch. 1.3]. Evaluated at N variables u1, ..., uy (where N >
£(}) is arbitrary), s, becomes the symmetric polynomial

A. +N— /]N
L=l 3.1)
i,j=1

det[u;

det[u 1V

spUp, ..o uy) =



A. Knizel, L. Petrov, A. Saenz

Fig. 9. A Young diagram X = (5, 3, 3, 1, 1, 1) for which the transposed diagram is A =(6,3,3,1,1)

If N < £(A), then s;(uy,...,uy) = 0 by definition. When all u; > 0, the value
$3 (11, ..., up) is also nonnegative. The Schur functions s; form a linear basis in the
algebra of symmetric functions A, where A runs over all possible Young diagrams.

Along with evaluating Schur functions at finitely many variables, we also need their
general nonnegative specializations. That is, a nonnegative specialization is an algebra
homomorphism p: A — C such that p(s;) > 0 for all Young diagrams A. Nonnegative
specializations are classified by the Edrei-Thoma theorem [Edr52,Tho64] (also see,
e.g., [BO16]). They depend on infinitely many real parameters & = («; > a3 ... > 0),
,5 =(B1 =B > -->0),and y > 0, with Zi(ozi + Bi) < 0o, and are determined by
the Cauchy summation identity

n

> S O1 0., (5) = ]‘[(e”f HM) (32)

I —oyj
reY j=1 i=1 i)

where n > 1 is arbitrary, and yy, ..., y, are regarded as formal variables. We will write
sy (a; ,5; y) = s3(ar, 02, ...; 61, B2, ... ) for p&,g’y(s;h) and will continue to use
notation s, (a1, .. ., &) for the substitution of the variables a1, . .., oy, into s; (which
is the same as the specialization with finitely many «;’s and 8 = 0, y = 0).

There are also skew Schur symmetric functions s, /, which are defined through

sy Ui, . uNem) = ZSA/M(M,--.,MN)SM(MNH, co S UNEM)-
neyY

The function s;,/,, vanishes unless the Young diagram A contains p (notation: A D ft).
Skew Schur functions satisfy a skew generalization of the Cauchy summation identity:

2 sun@sp 0 =[]+ Z Sy (9)82 /i (%), (3.3)

veY i,j Xy J ey

where A, u are fixed and x, y are two sets of variables. The specializations sy, (; E 3 Y)
are well-defined and produce nonnegative numbers. The skew Schur functions

s,\/u(a 0,. 6 0) and s/, (6 B,0,...;0) vanish unless, respectlvely, u < A and
=<' For the specialization with all zeros we have we have 53/, (O 0 0) =1,- =

Taking the one-variable specializations x = (0, B,0,...;0)andy = (a,0,...; 0, 0)
in (3.3), we get the identity

> 50/ ©; B; 0su5.(@3; 05 0) = (1+aB) Y s/ (@; 0 0)s55 6 (0; B; 0),  (3.4)

veY keY
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where a, f > 0 are real numbers. We refer to, e.g., [Mac95, Ch I] for further details on
ordinary and skew Schur functions.

3.1.3. A field of Young diagrams Recall the discrete parameters {a;};>1, {vi}i>2, and
{Bi}i>1 (Definition 1.2), and fix N € Z=. Consider a random field of Young diagrams,
that is, a probability distribution on an array of Young diagrams {A(T’K )}T, KeZ-q (cf.
Fig. 11) with the following properties: -

1. (bottom boundary condition) For all 7" > 0 we have A0 = g

2. (left boundary condition) For all M € Zsq, the joint distribution of the Young
diagrams A%K) 0 < K < M, at the left boundary is given by the following
ascending Schur process:

1
Prob()»(o’o), )\(0’1), e, )»(O’M)) = ?sk(o*l)(al)

(3.5)

cey

V2 VN)
a,’’ ay/’

X802 /0.0 (@2) . . . $30.M) /0.1 (@A) S 0.31) (

where Z is the normalizing constant. In particular, this implies that along the left
edge each two consecutive Young diagrams A(O'f_ ) and A(%-7+D almost surely differ
by adding a horizontal strip. In particular, £(A %)) < ;.

3. (conditional distributions) For any i, j € Z> consider the quadruple of neighboring
Young diagrams x = A7 =D 5 = 1Gi=D 1 = 201D and v = G (we use
these notations to shorten the formulas; cf. Fig. 10). The conditional distributions
in this quadruple are as follows:®

Prob(v | AP p<i—1,g>j—lorp>i—1,g=<j—1)

$u/u(0; B, 0, .. .5 0)sy/2(a;j, 0, ... 0: 0)

7D ’

Prob(k | AP p<i—1,g>j—lorp>i—1,g<j—1)

Supc(aj, 0, ... 0; O)SA/K((); B, 0,...;0)

Zéi’j)

=Prob(v | A, n) =
(3.6)

= Prob(k | A, n) =

’

where Z,Ei"i ), Zéi’j ) are normalizing constants. In particular, u <" v,k <" A,k < L,
and A < v almost surely, and this implies that £(A(-/)) < j for all i, j. The skew
Cauchy identity (3.4) implies that Z{"/ = (1+ Bia;)Z"".

The above conditions 1-3 do not define a field A7) uniquely. Namely, while (3.6)
specifies the marginal distributions of x and v (given u, 1), it does not specify the joint
distribution of («, v) (given w, A). It is possible to specify this joint distribution such
that

o the field (AT K}y ez, is well-defined (i.e., satisfies 1-3);

o the scalar field AT Kez of the last parts of the partitions is marginally
Markovian in the sense that its distribution does not depend on the distribution of the
other parts of the partitions.

6 The first probabilities in (3.6) are conditional over the northwest quadrant with tip p and the southeast
quadrant with tip A, and we require that the dependence on these quadrants is only through their tips p and A,
respectively. This can be viewed as a type of a two-dimensional Markov property.
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w =<'
(aj) Y Y
k<A

(Bi)
Fig. 10. A quadruple of Young diagrams in the field AT-K)

There are two main constructions of the field A("-%) satisfying 1-3 and with marginally
Markovian last parts. One involves the Robinson—-Schensted—Knuth (RSK) correspon-
dence and follows [O’C03b,0’C03a], see also [DWO08, Case B], and another construction
can be read off [BF14]. The latter construction postulates that the joint distribution of
Kk, v given A, u is essentially the product of the marginal distributions (3.6), unless this
violates conditions in Fig. 10 (in which case the product formula has to be corrected). The
RSK construction involves more complicated combinatorial rules for stitching together
the marginal distributions of x and v. Either of these constructions of {A7-K)} works for
our purposes, and we do not discuss further details. The marginally Markovian evolution

of the last parts Ag’K) is the discrete time TASEP with mixed geometric and Bernoulli

steps which we describe in Sect. 2.2. In the rest of this section we refer to {1(7-%)} simply
as the random field of Young diagrams.

Lemma 3.1. For any fixed T, K € Zxo the marginal distribution of the random Young
diagram A = 17K is given by the Schur measure

V2
=,
az

1 1%
Prob()»):Es,\(al,...,aK)sk( ..,%;ﬁl,...,ﬂpo). 3.7)

The normalizing constant in (3.7) is given by (cf. (3.2))

N

K 1 T
Z:H(l_[— (1+aiﬂj))~
-1

1 —ajvj/a;
i=1\j=2 ivj/ I

Idea of proof of Lemma 3.1. Follows by repeatedly applying the skew Cauchy identity
(3.4) and arguing by induction on adding a box to grow the 7 x K rectangle. The
additional specialization (v2/az, ..., vy/ay) comes from the left boundary condition
in the field {(A(7-©)}. o

The notion of random fields of Young diagrams was introduced recently [BM18,
BP17] to capture properties of coupled Schur processes. This concept extends the work
started with [OP13,BP16b], and earlier applications of Robinson—Schensted—Knuth cor-
respondences to particle systems [Joh00,0’C03b,0’C03a]. In the next part we consider
down-right joint distributions in the field A(X-7) which are given by more general Schur
processes.

3.1.4. Schur processes and correlation kernels Here we recall (at an appropriate level
of generality) the definition and the correlation kernel for Schur processes from [ORO03].
Fix the parameters N and {a;}, {v;}, {8;}. Take a down-right path {(7, Kj)}f.zl, that is,

Ki>--->K;=0, 0=T1<---<Ty, (3.8)
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Fig. 11. A graphical representation of the field AWK of Young diagrams, and a down-right path

and, moreover, assume that the points (7, K ;) are pairwise distinct. A Schur process
associated with this data is a probability distribution on sequences (A; i) of Young
diagrams (see Fig. 11 for an illustration)

G=uD a0 5@ ci® 5,0 coic a5 0 2 g (3.9)
with probability weights

V2 VN

1
Prob(A; u) = ESMU/M(l)( a—)wn/ﬂm (aks, k182 7, (BO,121) - - -
N

ar’’
X85.=1 7,00 (B(re_y, T DS 7,0 (A0, K1) (3.10)

Here a(,,, stands for the specialization (a,41, . . ., ay; 6; 0) corresponding to the vertical

direction of the down-right path, and B, ,) means (6; Bu+1, - - -, Bv: 0) (this corresponds
to the horizontal direction). Note that some of these specializations can be empty. The
normalizing constant in (3.10) can be readily computed using the Cauchy identities.
As shown in [ORO03], the Schur process (3.10) can be interpreted as a determinantal
random point process whose correlation kernel is expressed as a double contour integral.
(We refer to, e.g., [Sos00,HKPV06,Borl1], for general definitions related to determi-
nantal processes.) To recall the result of [OR03], consider the particle configuration

PO —jri=1,..,0-1,j=1,2,..}CZx - xZ (3.11)
J —_———

£—1 times
corresponding to a sequence (3.9) (where we sum over all the u'7)’s). The configurations
)»j.’) — j, j = 1, are infinite and are densely packed at —oo (i.e., each partition PAOBT

appended infinitely many zeroes). Then, for any m and any pairwise distinct locations
(rp,xp),p=1,...,m,wherel <r, <{—1andx, € Z, we have

P(there are points of the configuration (3.11) at each of the locations (), x p))

m

= det [Ksp(rp, xpirg. x)] ) -

The kernel Kgp has the form

o 1 dzdw w¥ ®(,z)
< i , 3.12
sp(i. x: /. ) (27i)? y{y{ z—w ¥ O, w) o
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where
N

O(,z) = 1_[

n2

H(l +Bi2) H(l —z ).

Zvn/an =1

The integration contours in (3.12) are positively oriented simple closed curves around 0
satisfying |z| > |w|fori < j and |z| < |w]|fori > j. Moreover, on the contours it must
be |z| < a,/vp, ar < |w| < ﬁfl for all n, ¢, k entering the products in (3.12). In partic-
ular, the w contour should encircle the ay’s. Thus, we have the following determinantal
structure in the field {AT-5)};

Proposition 3.2. Foranym € Zx1 and any collection of pairwise distinct integer triplets
{(T;, Ki, xp)}/L | suchthat Ky > -+ > Ky, 20,0 < Ty <--- < Ty, we have
Ki)

Prob(for all i, the configuration {A(/.Ti’ — j}j=1 C Z contains a particle at x,-)

= det[K(T), Kp, xp; Ty Kq,xq)]’;"qzl, (3.13)
where the kernel is given by
N
KT K.x: T K. x') = fﬁdzdww 1 —wv,/a,
(2m)2 w 75! iy L —zvn/an
Ht 1(1 + B2) Hk ](1 -z ak) (3.14)

H, 1+ Brw) l_[k 1 —w~ 1Clk)

The contours are positively oriented simple closed curves around 0 such that w also
encircles the ay’s, |z| > |w| for T < T, and |z| < |w| for T > T'. Moreover, on the
contours it must be |z| < a, /vy, lw| < ,Bt_lfor allt, n.

Remark 3.3. In the description of the integration contours in Proposition 3.2 we silently
assumed that the parameters a;, f;, v; satisfy certain restrictions such that the contours
exist. In Proposition 3.4 below we deform the contours and lift these restrictions when
K = K’ = N (this holds when we apply the Schur process structure to DGCG).

3.1.5. Farticles at the edge and Fredholm determinants The joint distribution of the
last parts of the partitions {)L(KT;’K")} (which evolve in a marginally Markovian way) for
(T;, K;) along a down-right path can be written in terms of a Fredholm determinant.

Let us first recall Fredholm determinants on an abstract discrete space X. Let K(i, i),
i,i’ € X, be akernel on this space. We define the Fredholm determinant of 1+zK, z € C,
as the infinite series

det(1+2K)x =1+ % Y det[Kapip] - (3.15)

r=1""ieXx ireX

One may view (3.15) as a formal series, but in our setting this series will converge
numerically. Details on Fredholm determinants may be found in [Sim05] or [Bor10].
Fix a down-right path {(T;, Ki)}f: | asin (3.8), and consider the space

£—1
x=JUT) x {Ki}) x 2).
i=1
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According to Proposition 3.2, let us view {AE-Ti‘Ki) -

jri=1,...,6 -1, j =
1,2,...} as a determinantal point process on X with correlation kernel K(Y; Y’) =
K(T,T,y;T',K',y"), where Y = (T,K,y),Y = (I',K',y)) € X. Fix y =
D1y -y Ye—1) € 7! and interpret

Prob(A(KTi"’K") —Kisyiii=1,...,0— 1)
as the probability that the random point configuration X corresponding to our determi-
nantal process has no particles in the set

-1
Xy = JUT) < {Ki} x (=Ki. —K;+ 1,y — 1, y;}) C X.
i=1

This probability can be written (e.g., see [Sos00]) as the Fredholm determinant
det (1 — x5Kx5) ¢ -

where x5(T;, Ki, x) = 1_g;<x<y;»i = 1, ..., £ —1,is the indicator of X3 C X viewed
as a projection operator acting on functions.
In particular, in the one-point case we get the following Fredholm determinant:

Prob(A %) — K > y) = det( = K(T, K, s T, K, ) (- K.—K+1...y—1.y)
o D" 5 -
=1+Z — Z Z det[K(T, K, xp; T, K, x)1) 41
m=1

x1=—K xn=—K

where the last equality is the series expansion of the Fredholm determinant.

3.2. Determinantal structure of DGCG. Let us now apply the formalism of Schur pro-
cesses to the DGCG model. We will us the kernel K (3.14) with K = K’ = N and
different integration contours. That is, define

1T>T’1xzx’ HthT/+1 (I'+B2) dz

R N
KN(T,X, T ’ X ) L 27Ti Zx_x/+1

/ (3.16)
N 1 %jgdzdw w¥ v N 1 —wv,/ay ]_[thl(1+,3,z) N ar — 2
(27i)2

— x+N+1 _ T’ —
Z—wz nss L= 2vn/an TT,_ (1 + Bw) () @ — W

where T, T’ € Zso and x,x’ € Z>_y. In the single integral the contour is a small
positively oriented circle around 0, and the contours in the double integral satisfy:

e the z contour is a small positively oriented circle around 0 which must be to the left
of all points a,, /vy;

e the w contour is a positively oriented simple closed curve around all the a;’s which
stays to the right of zero, all points —j;” ! and the z contour.
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Fig. 12. An example of a configuration of £y 4. The leftmost particles are highlighted

Proposition 3.4. The integration contours in (3.16) exist for all choices of parameters
a; >0, By > 0, and vj € [0, 1). Moreover, Ky(T, x; T',x") = K(T,N,x; T, N, x'),
where the latter is given in (3.14).

In other words, the deformation of contours fromK(T, N, x; T', N, x ) toKy (T, x; T’, x")
provides an analytic continuation of the kernel to the full range of parameters a; > 0,
B >0,v; €[0,1).

Proof of Proposition 3.4. The existence of the contours is straightforward. Let us explain
how to deform the contours in K(T', N, x; T', N, x’) to get the desired result. First, note
that the integrand is regular at w = 0 for x’ > —N. Depending on the relative order of
T and T’, perform the following contour deformations:

e For T < T’, the w contour is inside the z one in (3.14). Drag the z contour through
the w one, and turn z into a small circle around 0. The w contour then needs to
encircle only {a;} and not zero, as desired. This deformation of the contours results
in a single integral of the residue at z = w over the new w contour, but since this
contour does not include zero, the single integral vanishes.

e When T > T’, the z contour is inside the w one in (3.14). Make z a small circle
around 0, then drag the w contour through the z one, and have the w contour encircle
{a;} and not zero. This deformation brings a single integral of the residue at w = z
over the new z contour, and this is precisely the single integral we get in (3.16).

These contour deformations lead to the kernel Ky. 0O

Fix¢£>1land0 <Tj <--- < T, and define a determinantal point process £y ¢ on
X :=Zs_n x{T, ..., Ty} as follows. For any m > 1 and m pairwise distinct points
(xi,t) € X, set

Prob(the random configuration £y ¢ contains all points (x;, ;),i =1, ..., m)

= det [Ky (t;, x;3 tj,x./)]fizl ) (3.17)

In other words, £ ¢ is the Z> _ y-part of the determinantal process /\y) — j coming from
the Schur process as in Sect. 3.1.4 corresponding to the down-right path {(7;, K;)} =
{(T;, N)}. See Fig. 12 for an illustration.
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Theorem 3.5. With the above notation, the joint distribution of the height function of
the DGCG

{Hr;(N+1) = N}_,

coincides with the joint distribution of the leftmost points of the determinantal point
process £x.¢ onZs_n x {T1, ..., Ty}

Proof. We know from Proposition 2.2 and Theorem 2.6 that

{Hr, (N +1) = N}°_ £ NN - 1 TH)—1.

where f’(N — 1; T) is the mixed TASEP of Definition 2.5. If we connect ?(N —1;7T)
to a field of random Young diagrams, then the desired statement would follow from the
determinantal structure of the Schur process described in Sect. 3.2.

The desired connection of the mixed TASEP with particle-dependent inhomogeneity
to Schur processes is in well-known and follows from the column Robinson—Schensted—
Knuth (RSK) correspondences (see [Ful97,Sta01] for details on RSK, and, e.g., [Joh00,
0’C03a, WWO09] for probabilistic applications of RSK to TASEPs) or, alternatively, from
the results of [BF14]. The precise connection reads as follows. For any down-right path
{((T;, K j)}§:1 (3.8) we have the equality of the following joint distributions:

- AR (3.18)

{Yk,(N - 1:T)) +K; } = {)\Kj —1
where Y is the mixed TASEP, and {A(T, K)} is the random field from Sect. 3.1.3. In
particular, the distribution of each particle Yg (N — 1; T') in the mixed TASEP is the
same as of Ax — K, where Ak is the last part of a random partition A chosen from the
Schur measure « sy (ay, ..., ak; 6; 0)sp(va/as, ...,vn/an; Bi, ..., Br; 0).

Taking K; = N in (3.18) and using Proposition 3.2 (together with Proposition 3.4
for the contour deformation), we arrive at the claim. 0O

In particular, for £ = 1 Theorem 3.5 implies the following Fredholm determinantal
expression for the distribution of the random variable H7 (N + 1):

Prob(Hr (N +1) = N > y) = det(1 — Ky (T, s T\ )){=N,—N+1,....y—1,y}

m y
Z( D > Z det[Ky (T, x;: T, x )1, (3.19)

m=1 ! x1=—N Xp=—N

The second equality is the series expansion of the Fredholm determinant, see
Sect. 3.1.5.

3.3. Determinantal structure of continuous space TASEP. Letus now describe the deter-
minantal structure of the continuous space TASEP which follows by taking the continu-
ous space scaling of the DGCG results. By N + £ ¢ denote the shift of the determinantal
process £y ¢ from Sect. 3.2 by N to the right.
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Theorem 3.6. As ¢ — 0 and under the scaling described in defined Sect. 2.3, N+ £y ¢
converges inthe sense of finite dimensional distributions to a determinantal point process
LoonZso x{t1,...,tg} (where T; = |&~ 14 1) with the kernel”

(t — t/)x—x’
(x —x")!

7§7§de” exp{tz t’w+L/X< = )du}
(2711)2 w ¥+ / §uw)—w &) —z

, GO -2 I §b) —p)w §(b) —z
(£0) —w) Eb)—p)z EB)—w’

K(t, x; t/7 x/) = _lz>t’1x2x’

(3.20)
beB: b<y

The z contour is a small positively oriented circle around O which must be to the left of

all points £(y), y € [0, x]. The w contour is a positively oriented simple closed curve

around all points £(y), y € [0, x] which is also to the right of the z contour.
Correspondingly, the joint distribution {H (t;, )()}f=1 of the continuous space TASEP

height function coincides with the joint distribution of the leftmost particles of E@.

Proof. The second part of the claim (that H(#;, x) are the leftmost points of Eg) fol-
lows from the first part together with Theorem 2.7. Thus, it suffices to establish the
convergence of the correlation kernels Ky (3.16) to K (3.20) (which would imply the
convergence of determinantal point processes in the sense of finite dimensional distri-
butions since those are completely determined by the correlation kernels, cf. [Sos00]).

Because of the shift N + £y , we first subtract N from x, x" in Ky, and then scale
aj,vj, B, T, N depending on ¢. First, observe that the single integral in (3.16) converges
to the first term in (3.20):

1T>T’ x>x' Ht T'+ 1(1+ﬂtz) dz — — s
2i X=X+l 2

=—1uplysy—m.
ZX*X/'H t>t' Ix>x' (x_x/)!

1t>t’1x2x’ f ez(t—;/)dz (t — t/)x—x/
Next, let us look at the double integrals. Under our scaling the integration con-
tours readily match, so it remains to show the convergence of the integrands. Keep

!

w* ag—z §0)—z
———  —, and also separate the factors = from the product over
(2 —w) ar—w &0)—w
k =1,..., N. These factors do not change with ¢. Consider the limit as ¢ — 0 of the

remaining factors in the integrand. We have

Mo (+p _ Arel ™,
M, +Bw) (I +ew)le™'r) '

In the product

N
1—[ n — Wy, a, — 2

ap — 7Vy

7 Which expresses the correlations of the process Ez by analogy with (3.17).
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consider separately the factors corresponding to n € Bf. We obtain for all sufficiently
small ¢:

1—[ an =WV Gpn =2 _ 1—[ §D) — pb)w Eb) —z

an—w @y — 2y Eb)—w  E(b)—pb)z

2<n<|e~1lx], neBe beB: b<y

and these factors also do not change with ¢ (there are finitely many roadblocks on [0, x)).
Finally,

an — W, £(ne) — we ¢
[T == ‘exp{ 2 l°g< E(ne) —w >}

2<n=<N,n¢B¢ 2<n<|ely],n¢Be

B w ) X w
= exp{eL Z (—é(ne) _— + O(e ))} — exp{L/O —E(u) _— du},

2<n<|e~'x], n¢Be

because the exclusion of finitely many points n € B? changes the value of the Riemann
sums by O (&) which is negligible. A similar convergence to the exponent of an integral
holds for the z variable. O

Remark 3.7. The limiting determinantal process £, in Theorem 3.6 may be viewed as a
new (and very general) limit of Schur measures and processes. Let us discuss the case
¢ = 1. The height function Hy (N) is identified with the leftmost point of a determinantal
point process N + £xy,1 C Z=¢. This point process is the same as the random point
configuration {A; + N — j}?’=1 C Z=o, where A is distributed as the Schur measure
« sy(a, ...,an)s,(va/az, ..., vN/an; Bi, ..., Br). Theorem 3.6 states that under the
scaling By = ¢, T = Le’ltj, N = Le’lxi, and (2.3)—(2.4) these Schur measures
converge to an infinite random configuration §1 on Zxyg.

This infinite random point configuration £ is a determinantal process with kernel
K (3.20) whose leftmost point has the same distribution as H(z, x). This general limit
of Schur measures to infinite random point configurations on Z>( depending on ¢, x,
L, arbitrary speed function &(-), and the roadblocks as parameters appears to be new.
Certain related discrete infinite-particle limits of Schur and Schur-type measures have
appeared before in [BO07,BD11,BO17].

4. Asymptotics of Continuous Space TASEP. Formulations

4.1. Limit shape. We consider the following limit regime for the continuous space
TASEP:

L — 400, t=06L, location x > 0, the speed function &£(-), and roadblocks are not scaled.

4.1
Here 0 > 0 is the scaled time. Denote

8, = EssRange{é(y): 0 <y < x} U{£(0)}U U {E(b)}, W, :=min 8,, (4.2)
beB: 0<b<y

where EssRange stands for the essential range, i.e., the set of all points for which the
preimage of any neighborhood under & has positive Lebesgue measure. Note that we
include the values of £(-) corresponding to 0 and the roadblocks even if they do not
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belong to the essential range. These values play a special role because each of the point
locations {0} U B contains at least one particle with nonzero probability. For future use,
also set

E;’( := EssRange{&(y): 0 <y < x}, W; := min E;’( 4.3)
Consider equation
be
§)(EW) +w)du _ (4.4)
E@) —w)3

inw € (0, W;).
Definition 4.1. We say that the pair (6, x) € R2>0 is in the curved part if

X du
— <
o &)

This inequality corresponds to comparing both sides of (4.4) at w = 0.

0.

Lemma 4.2. For (0, x) in the curved part there exists a unique solution w = 1w°(0, x)

toEq. (4.4)inw € (0, W;). For fixed x the function 0 +— 1w0°(0, ) is strictly increasing

from zero, and alim w°(0, x) = W,. For fixed 0 the function x + w°(0, x) is strictly
—00

decreasing to zero.
Proof. Denote the left hand side of (4.4) by I (w). Note that

X

ol(w) [ 25(u)(28(u) + w)du
ow _/ E@) —w)*

> 0.

Thus, I (w) is strictly increasing on (0, W;). Since 0 > 1(0) by the assumption, and
I (w) — +00 as w approaches Wy, there is a unique solution to (4.4) on the desired
interval. The monotonicity properties of the solution are straightforward. O

Definition 4.3. Let (0, x) € R2>0- Define the limit shape of the height function of the
continuous space TASEP as follows:

+00, if x =0and 6 > 0;
0, if x > 0 and (0, x) is not in the curved part;
@, x) = X
e A, x) — M, if x > 0and (@, ) is in the curved part,
J &) —w(, x))
where

(6, x) = min(w°(©@, x), Wy). 4.5)

Depending on which of the two expressions in the right-hand side of (4.5) produce
the minimum, let us give the following definitions:
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Definition 4.4. Assume that (6, x) is in the curved part. If v° (0, x) < W, we say that
the point (0, x) is in the Tracy—Widom phase. If w° (0, x) > W,, then (0, x) is in the
Gaussian phase. If 0°(0, x) = W, we say that (8, x) is a BBP transition. If (9, x) is
a transition point or is in the Gaussian phase, denote

my ::#[ye{O}U{beB:0<b<x}:$(y)=WX}. (4.6)

The names of the phases match the fluctuation behavior observed in each phase, see
Sect. 4.3 below.

Theorem 4.5. Under the scaling (4.1), we have the convergence of the height function
of the continuous space TASEP to the limiting height function of Definition 4.3:

L™'H@OL, x) — h(0, x) in probability as L — +00.

We prove Theorem 4.5 in Sect. 5.4.

4.2. Macroscopic properties of the limit shape. Let us mention two macroscopic prop-
erties of the limit shape of Definition 4.3. For simplicity assume that there are no road-
blocks.

First, one can check that the function h(6, yx) satisfies a natural hydrodynamic partial
differential equation. We write it down in Appendix B.2, and in Appendix B.1 discuss
its counterpart for the DGCG model.

Second, as a function of 6, h(@, x) can be represented as a Legendre dual of a certain
explicit function. Namely, let

* Eu)du
Eu) —v

We assume that yx is fixed, & = h(0, x), and consider the behavior of G as a function of
v. We have

GWw)=GW;0, x,h) :=—0v+hlogv+F(v), F) := . @47

% &u) (5(u) +v) du

bl
—WG'W)+G W) =0—-F ' (v) —vF"(v) = ™ (9v — vff"/(v)) =0 - /0 Ew) — )3

This expression vanishes at v = w°(6, x), or, in other words, v = 1w°(0, x) is a critical
point of v = Gv—vF’ (v). From the proof of Lemma 4.2 it follows that (Qv—vF ' (v))" =
—(wF (v))” < 0, so this critical point is a maximum. Moreover, this maximum is unique
on (0, Wy) also by Lemma 4.2.

At the same time, § can be written as h(0, x) = v — vF'(v) |v:m°(0 0 Therefore,
we have
0,x)= max (fv—vT'(v)),
. x) o103 ( (v))
X d
which is the Legendre dual of the function v — vF'(v) = / M
0o (E)—v)

Note that outside the curved part, i.e., when fOX (S (u))_ldu > 6, we have Qv —
vF'(v) < 0forallv e [0, W;). That is, the Legendre dual interpretation automatically
takes care of vanishing of the height function outside the curved part.
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4.3. Asymptotic fluctuations in continuous space TASEP. We now return to the general
situation allowing roadblocks. To formulate the results on fluctuations, let us denote

X Eu) (08, x) +2E () >”3
0 =0 0, = d 0 4.8
rw =2rw (@, %0 </0 o0, )00, ) —eapt ) 70 @Y

and
X WX 0 (%(u) WX)

(the expression under the square root in (4.9) is strictly positive in the Gaussian phase
thanks to the monotonicity observed in the proof of Lemma 4.2 and the fact that 95
vanishes when w°(0, x) = W,, cf. (4.4)). The kernels and distributions in the next
theorem are described in Appendix C.

Theorem 4.6. Fix arbitrary £ € Z>.
1. Let (0, x) be in the Tracy—Widom phase. Fix sy, ..., ¢, 11, ..., € R, and denote

fi i= 0L +2w°(0, x)0Fy (6, x)si L.

Then
- L , _ 2L2/3 o , 2~2 , :

lim Prob i, 0 h®. x) (0°(6, 0) 07y 0. X)s >s-2—r,-, i=1,...,¢
L =400 w0° (@, 007w (@, )L/ ’

=det (1-AM) 0 (0o (4.10)
In particular, for £ = 1 and s1 = 0 we have convergence to the GUE Tracy—Widom
distribution:

H@L, x) — Lh@,
lim Prob (6L. x) h6. ) >—r|=Feue(r), rekR
L—+00 t° (0, x)oTw (0, X)Ll/3

2. Let (0, x) be at a BBP transition. With t; as above, the probabilities in the left-hand
side of (4.10) converge to

det(1 — E;X;,(O,“”O))ue

i=1{S,‘}X(7‘,‘,+OO)'

In particular, for £ = 1 we have the following single-time convergence to the BBP
deformation of the GUE Tracy—Widom distribution:

HOL, x) — Lh®. x)
e (@, x)orw (6, x)L'/3

lim Prob (

> —r) = F, (r), r € R.
L—+00
3. Let (01, X), ..., (6¢, x) be in the Gaussian phase. Then forry, ..., r; € R:

HO:L, x)— Lb, x)
W, L12

lim Prob (

L—+0c0

> —0G(0;, X)Vi) =det(1- Gmx)

U {0;)x (ri +00)

@11

where the kernel G, on R x R is expressed through (C.8) as G,,(0, h; 0',h') =
Ge"tbg(g,,x) (h; B'). In particular, for £ = 1 we have the following Central Limit type
R TEICR)
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Fig. 13. Plots of the limiting height function showing the formation of a traffic jam. Left: 6 < 6cr, Center:
0 = Ocr, Right: 0 > Ocr

theorem on convergence to the distribution of the largest eigenvalue of the GUE
random matrix of size my:

lim Prob
L—+00

HOL, x) — Lh®, x)
< 060, X)Wy L1/? = _r) =Gm,(r), rekR

We prove Theorem 4.6 in Sect. 5.4.

4.4. Fluctuation behavior around a traffic jam. Letus now focus on phase transitions of
another type which are caused by decreasing jump discontinuities in the speed function
&(-) instead of roadblocks. Let us focus on one such discontinuity at a given location
X > 0 with

lim &) > & := lim &(u). 4.12)
M—)X— u—>x+

For simplicity let us assume that there are no roadblocks in the interval [0, ¥ + ¢) for
some ¢ > 0. The limiting height function h(6, x) is continuous at x = x if and only if
10°(0, x) < &" (cf. Lemma 4.2). Note that the value of w0° (6, x) is determined only by
the values of & on (0, x) and does not depend on £”. Consider the equation w°(0, x) = &"
which can be written as (see (4.4))

9:/* EWEw)+87)
o E@w—¢)]

For fixed speed function £(-) satisfying (4.12) let us call the right-hand side of (4.13)
the critical scaled time O¢r. One readily sees that the height function b is continuous at
X for 8 < O¢r, and becomes discontinuous for 6 > 6¢r. Further analysis (performed in
Sect. 5.5) shows that for 6 = ¢, the height function is continuous at x while its right
derivative at ¥ is infinite. See Fig. 13 for an illustration. From the limit shape result it
follows that for@ > 6¢r, attime 0 L there are O (L) particles in a small right neighborhood
of x. We thus say that the critical scaled time 6¢r corresponds to the formation of a traffic
jam.

The fluctuations of the random height function H(#, x) around the traffic jam for
every fixed x on both sides of x are governed by the Airy kernel as in the first part of
Theorem 4.6. However, the normalizing factor 10° (6, x)07w (6, x) has a jump discon-
tinuity at x = X.

To further explore behavior of fluctuations around a traffic jam, we consider a more
general regime when x = x (L) > x depends on L and converges to ¥ as L — +oc. To

4.13)
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simplify notation and computations let us take a particular case of a piecewise constant
speed function

I, O<u<l;
e 4.14
W=V u=1. (4.14)

The critical time corresponding to formation of the traffic jam at x = 1 1is 6y = 12,
see (4.13). We find that there is a particular scale at which the fluctuations of the height
function are governed by a deformation of the Tracy—Widom distribution (defined in
Appendix C.3). This deformation can be obtained in a limit from kernels considered
in [BPO8] and thus has a random matrix interpretation (see Sect. 5.5.4 for details). At
other scales the fluctuations lead to the usual Airy kernel, but close to the slowdown the
constants are affected by the change in £ (-) as well. Far from the slowdown the constants
are the same as in (4.10) with x depending on L. In detail, we show the following:

Theorem 4.7. With the above notation, let y = x(L) = 1 + 10e(L), where e(L) > 0
and (L) — 0 as L — +00 (the factor 10 makes final formulas simpler). Let t0° =
0°(12, 1+10e(L)), h = h(12, 1+10e(L)), 0rw = 07w (12, 1+10e(L)) be the quantities
defined in Sects. 4.1 and 4.3. Fix s1,...,8¢,71,...,7¢ € R. Depending on the rate at
which e(L) — O there are three fluctuation regimes:

1. (close to the slowdown) Let (L) < L=4/3~7 for some y > 0. Define

fi = 121 +w°0%., 27135, 1273,

Then
H(t, 1+ 10e(L)) — 4L — (w°)%0%,, 27135123
lim Prob [ £ (L) ()02 TSLT i1
L—+00 moaTW2—2/3L1/3 i

t
= et =A™ (01 oo

2. (far from the slowdown) Let (L) > L™*/3*" for some y € (0, %). Define

f; = 12L + 210°0%.y5; L*/°.

Then
01252 2/3
lim Prob H(i, 1+10e(L)) —h(12, 1+ 10e(L)) L — 2(r0°) 05y s: L /
L—>+00 weorwL!/3

>si2—r,-, i=1,...,€)
= det(1 — A%

Uf_y {si}x (ri,+00) "
3. (critical scale) Let €(L) = 10~*/38 L=4/3 where § > 0 is fixed. Define
ti = 121 + w°0%3., 27 35, L2/,

The joint fluctuations at different times of the random height function around the
limit shape 4L are described by a deformation of the extended Airy kernel defined
by (C.6):
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lim
L—+00

prop [ 10 L 1071838 L=43) — 4L — (0°)?02.,,27 /35, L%/3
moaTW272/3L1/3

> 524258\ — i = 1,...,z)
= det(1 — A%,

i1 {si}x (ri +o0) "

In particular, for £ = 1 and® s; = 0 we have the convergence to a deformation of
the GUE Tracy—Widom distribution (C.7):

HOA2L, 14107181743 41 _F890) reR
oo w2-23L13 GUEY 7 )

lim Prob

L—+00

We prove Theorem 4.7 in Sect. 5.5.

5. Asymptotics of Continuous Space TASEP. Proofs

5.1. Critical points. Recall the notation (4.7):

X &(u)du
Gw)=GWw; 0, x,h) =—60v+hlogv+ -
o &) —v
The correlation kernel from Theorem 3.6 takes the form
f— )
K, x; t/a x/) = _1t>t’1x>x’¥
- (x=xN!
1 dde ’ ’
+ L G ; t_y ) ) — G ; L9 ) I }
(2ni)2f¢.z(z—w)e){p{ ( (w > X L) (z > X L))
0) — b) — pb b) —
y (%‘(O) 2) 1—[ E(b) p(b)w. E(b) z’ 5.1)
EO —w), g, EB) - pB): Eb)—w
where we used the observation foX g((,f))dl:} = x+ fo 3 (”u‘)l”v, and the additional sum-

mand y cancels out in G(w) — G(z). The 1ntegrat10n contours in (5.1) are described in
Theorem 3.6.

The asymptotic behavior of the kernel as IC as L — +o00 is analyzed via steepest
descent method which in turn relies on finding double critical points of the function
G, i.e., those v for which %G(v) = E;J—;G(v) = 0 and %G(v) # 0. We turn to
double critical points because we are interested in the left edge of the determinantal
point process £¢. The equations for the double critical points of G(v; 8, x, h) can be
rewritten the following form:

X +
[ e, 52
0o (E@) —vy
X
h =9v—/ vadu. (5.3)
0o (@) —v)
8 The deformed Airy kernel is not invariant with respect to simultaneous translations of the s;’s, so we

specialize s1 = 0 to get the simplest one-point distribution Féuol)f
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~

Fig. 14. Contours I'; and C, = C

g
r,j

Recall that W is the essential minimum of the function & (u) for0 < u < x, and W, is
the minimum of W; ,£(0), and values of & at all the roadblocks on (0, x), see (4.2)—(4.3).
By Lemma 4.2, for (6, x) in the curved part (Definition 4.1) the first equation (5.2) has
a unique solution (denoted by twv° = 1w°(@, x)) in v belonging to (0, W;).

Recall the notation 1o (0, x) = min(w°(@, x), W,) and limit shape §(60, x) from
Definition 4.3. In the Tracy—Widom phase the limit shape h(6, ) is defined by plugging
10°(0, x) into the second double critical point equation (5.3), sothatw (0, x) = 10°(@, x)
is a double critical point of G (v; 0, x, h(0, x)). In the Gaussian phase and at the BBP
transition, (6, x) = W, is a single critical point of G(v; 6, x, h(8, x)).

5.2. Estimates on contours. Here we prove estimates of the real part of the function
G(v; 0, x,h(0, x)) on the following contours:

Definition 5.1. For r > 0 let I', be the counterclockwise circle centered at zero and
passing through r. Let C; , (where 0 < ¢ < 7/2) be the contour

Cryp={r— iyei“’sg“(”: y € R}

composed of two lines passing through r which form angle ¢ with the vertical axis. In
this section we mostly need the contour C,. z which will be denoted simply by C,. See
Fig. 14 for an illustration.

We need slightly different arguments depending on the phase (Definition 4.4). We
start from the Tracy—Widom one.

Lemma 5.2. Let (0, x) be in the Tracy-Widom phase. The contour I'we g, ;) Is Steep
ascent for the function ReG(z; 6, x, H(0, x)) in the sense that the function attains its
minimal value at z = w0°(0, x).

Proof. For shorter notation we denote h = h(6, x) and w = w°(0, x) in the proof of
this lemma and Lemma 5.3 below.
From (5.2)—(5.3) we can write

X
G(z;@,x,h)=/0 S(z; §(u))du,
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where

S(2) = S E(u)) = log 2 (%’(u)(f;'(u) +o)w  Eww ) _ 25 () +w) £(u)

() — )3 (& — )2 Ew -y " Ew -z

Denote y (1) = &(u) — . We know that £(u) > 1w, thus, y (1) is nonnegative. We get

1 22w+ y W) .\ 2102 10gz> 5.4)

S(z; §(u)) = (v +y(u)) (m () —z y(u)3 y )3

Let us prove %ReS(mei“’) > 0 for 0 < ¢ < . The case —7 < ¢ < 0 is symmetric.
Straightforward computation gives (we are omitting the dependence on u in the notation)

0 .
—ReS(ve'?)
de

B 1612 (y + w)2(y + 2w) sin’ (%) cos (%) (y2 +102(1 — cosg) + yro(l — cos ?))

y3 (y? + 212 + 2y — 2w0(y + w) cos (p)2
(5.5

We see that for 7 > ¢ > 0 this quantity is positive, which implies the statement. O

Lemma 5.3. Let (0, x) be in the Tracy-Widom phase. The contour Ciog,y) Is Steep
descent for the function ReG (w; 0, x, h(60, x)) in the sense that the function attains its
maximal value at w = 10°(6, ).

Proof. Using the notation from the proof of Lemma 5.2 we will show that %ReS (to +

sei%) < Ofors > 0 (the case s < 0 and —Z is symmetric). This would imply the
statement of the proposition. A straightforward computation gives that this derivative is
(up to an obviously positive denominator) equal to

— 520+ ) (y (V25 — dsy +3v2y?) (s> + 0%) +20(s, y)w), where
o(s,y) = V2st — 353y + 2x/§s2y2 — sy + «/5)/4
(here we omitted the dependence on u). The discriminant of /25> —4sy +3+/2y% in s is

—8y2, so this expression is positive. The discriminant of Q(s, y) in y is 1684s'2 > 0,
so Q(s, y) either has all real or all nonreal complex roots in y. Note that

%Q(s, ¥) = 42y —35)(s% + ),

which has only one root in y. Therefore, Q(s, y) has only nonreal roots and thus pre-
serves sign. It is always positive because it is positive for y = 0. This shows that aa—sReS
is negative, which implies the claim. O

Let us now turn to the Gaussian phase.

Lemma 5.4. Let (0, x) be in the Gaussian phase or at a BBP transition. The contour
Tyy, is steep ascent for the function ReG (z; 0, x, h(0, x)) in the sense that the function
attains its minimal value at z = W,
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Proof. Throughout the proof (and in the proof of Lemma 5.5 below) we use the shorthand
notation tw° = w°(0, x) and W = W,.

Let us write G(z; 6, x, h(0, x)) again as an integral from O to . While h depends
on W (Definition 4.3), we cannot express 6 through V. However, we can still write 6
in terms of the solution 1v° (0, x) > W, to Eq. (5.2). This allows to write

X
G(Z;G,x,b(&x))=/o S(z; §(u))du,

where

St ) e —toge W, & L EErw)
S(z;¢6) = logz(g_w)2+€_z+(W10gz Z)(S—m°)3'

We estimate for 0 < ¢ < 7 (the case —7 < ¢ < 0 is symmetric)
WE (W? — €2) sing .\ WE(0° + ) sing
(W? — 2WE cos ¢ + 52)2 (6 —w°)?
WE (W? — €2) sing .\ WEW + £) sing
(M2 2w cos<p+$2)2 E-wWy3

a - .
—ReS(We'?, &) =
de

where we used WE sing > 0, 10° > W, and that the function u +— ;:“3)3

for 0 < u < &. The right-hand side coincides with (5.5) with 1o replaced by W, and
thus is positive as shown in the proof of Lemma 5.2. Therefore, %ReS (Wel?, £) > 0
for0 < ¢ < m,and we are done. 0O

is increasing

Lemma 5.5. Let (0, x) be in the Gaussian phase or at a BBP transition. The contour
Cyy, is steep descent for the functionReG (w; 0, x, h(0, x)) in the sense that the function
attains its maximal value at w = Wy

Proof. Using the notation from the proof of Lemma 5.4 let us show that %S‘ W +

sei%, &) < 0 for s < O (the case of the line at angle —% in the lower half plane is

symmetric). This derivative is equal to

W (25 +V2W) £ (V2 + 45OV — ) + VIOV - 5)?)
2 (524 V2 +W2) OV — §)2 T (2 + VIOV =)+ W - 5)2)2
Es?(0° +§)

- V2 —1°)3 (s2 +4/2sW + WZ) .

E+u
’ . g (E—u)’
as in the previous lemma, and the whole expression may only decrease. Then we use the

proof of Lemma 5.3 which implies that 815’ W+ sei%, £) < 0,asdesired. 0O

N

Again, in the last summand we can replace tv° by YV by the monotonicity of u —

We need two more statements about higher derivatives of the function G.
Lemma 5.6. Let (0, x) be in the curved part. We have
83

— G(v: 0, x, b0, 0.
370 ot (v; 0, x, 5@, x)) >
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Proof. We have G® (10) = %"3 + I % > 0, as desired. O

Lemma 5.7. Let (6, x) be in the curved part. Along the contour 'y (g, y) the first m
derivatives of ReG(z; 9, x, H(0, x)) atvo(0, x) vanishwhile the (m+1)-st one is nonzero,
where m = 3 inthe Tracy—Widom phase and at a BBP transition, and m = 1 inthe Gaus-
sian phase. Along the contour Ciy (g, 5) the first two derivatives of ReG(z; 0, x, h(0, x))
at w (6, x) vanish while the third one is nonzero.

Proof. This is checked in a straightforward way. 0O

5.3. Deformation of contours and behavior of the kernel. Assume that (6, x) is in the
curved part and we scale £, = 0L + o(L), x,x’ = (@, x)L + o(L) (more precise
scaling depends on the phase and is described below in this subsection). Let us deform
the z and w integration contours in the correlation kernel (5.1) to the steep ascent/descent
contours 'y (g, y) and Cyy (g, y), TESPECtively.

Since (0, x) < W, = min E,, see (4.2), the z contour can be deformed to 'y, g, )
without passing through any singularities.

To deform the w contour we need to open it up to infinity. Fix sufficiently large L.
Since (6, x)isinthe curved part, we have 8, x > 0.Thentheterms —LOw—L fox zi(_“—g‘(i;)
in the exponent in the integrand have large negative real part for Rew > 1, and thus
dominate the behavior of the integrand for large |w| if w is in the right half plane.
Therefore, we can deform the w contour to the desired one. (In the Gaussian phase or
at a BBP transition we require, in addition, that locally w passes strictly to the right of
the pole at w = W, .)

We can now obtain the asymptotic behavior of the correlation kernel K (5.1) close
to the left edge of the determinantal point process £¢. Recall the quantity 07y =
orw (@, x) > 0(4.8).

Proposition 5.8 (Kernel asymptotics, Tracy—Widom phase). Let (6, x) be in the Tracy—
Widom phase and scale the parameters as

t = 0L +20°0% 'L, x = [hL +2(10°)*0F4ys'L*? + woorw (s — k)L,
(5.6)
' = 0L +210°0% 5L, x' = [hL +2(0°)* 0%y s L3 + weorw (s> — )L,

where s, s', h, ' € R are arbitrary. Then as L — +00 we have

e.f'zL2/3+f1L1/3 1+ 0(L~1/3)

Aext AN
AT A (s, h; s', ), (5.7

Kit,x;t',x') =

where the constant in O(L:l/ 3 is uniform in h, ' belonging to compact intervals, but
may depend on s, s'. Here A" is (a version of) the extended Airy, kernel (C.2), and

f1:= (h/ —h+ 52 - S/z)UTWmO log 0°,

5.8
fri=2(5" = )%y (0°)*(1 — log 0°). ©-9
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Fig. 15. Local behavior of the integration contours in a neighborhood of the double critical point tv°. The
regions where Re(11;3) < 0 are shaded

Remark 5.9. 1. Here and below in scalings like (5.6) we essentially transpose the pre-
limit kernel by assigning the primed scaled variables s, &’ to the non-primed ¢, x. This
transposition is needed so that (5.7) holds without switching (s, #) <> (s’, h’). Trans-
posing a correlation kernel does not change the determinantal point process and thus
does not affect our asymptotic results.

2. The factor e2L ALY s a equge transformation of a determinantal correlation
kernel which in general looks as K (x, y) +—> ;g ; K (x, y) (with nonvanishing f). Gauge

transformations do not change determinants associated with the kernel.

Proof of Proposition 5.8. One can readily check that 07y = %G@) (tv°). Deform the
integration contours as explained in the beginning of the subsection in the kernel (5.1)
so that they are 'y and Ciyo, respectively, and change the variables in a neighborhood
of size L~1/6*¢ (where & > 0 is small and fixed) of the double critical point 1v° as

z W
szo+ m°+

A Al o

where Z, w belong to the contours given in Fig. 15 and are bounded in absolute value by
L'/6*¢_The exponent in the kernel behaves as

L(G(w; Iz/ X Xf/) - G@ £ 1 1) =L(Gw: 0, x, b6, X)) — G(z: 6, x. hB, x)))
— (' —0L)w+(t —0L)z+ (' —bhL)logw — (x —hL)logz (5.10)

=L fH+ L' fi+ 1 —sw? — (h—sHw — 12 +5'2 + (0 — sDZ + (1),

where f1, f» are given by (5.8). The remaining factors in the integrand are

dwdz dwdz
G—w) Loy —2) (1+o(D) (5.11)

(the negative sign in the right-hand side is absorbed by reversing one of the contours in
Fig. 15), and

(8(0) —2) 1—[ §b) —p)w §(b) —z
(E0) —w) , EB) —p)z §0) —

= 1+o(1). (5.12)
beB: b<
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Next, with the help of the Stirling asymptotics for the Gamma function (cf. [Erd53,
1.18.(1)]) one readily sees that the additional summand in (5.1) behaves as
, (h—h'—s%+s'%)?
(- t/))kx = -1y ef2L2/3+f1Ll/3 exp {_ 4s'=s) }

ey e = 1,
PEYT (x — X)) L3orwwe/4n (s —s)

(1+0(L™'7)).
(5.13)

We thus get e‘szz/s_-flLl/ziC(t, x;t,x) =~ (L1/3DTWm°)_1Ke’“(s, h;s',h"), as
desired.

It remains to show that the behavior of the double contour integral coming from
the neighborhood of size L~!/¢*¢ of the double critical point tv° indeed determines the
asymptotics of the kernel, and show the uniformity of the constant in the error O (L~1/3)
in (5.7).

First, note that both 0° (6, x) and 07w (0, x) are uniformly bounded away from O for
(@, x) in a compact subset of the curved part. One can check that in (5.13) the constant
by the error L~1/3 contains powers of t0°, 97w, and s” — s in the denominator, and thus
the error is uniform in 0, x, h, A’ in compact sets.

Let us now turn to the double contour integral, and first consider the case when z, w are
inside the L~ !/6*¢_neighborhood of 1°. Note that the contours Z, i are separated from
each other. The o(1) errors coming from (5.10), (5.11), and (5.12) combined produce in
front of the exponent a function bounded in absolute value by a polynomial in zZ, w times
const - L™!/3. The Airy-type double contour integral with such additional polynomial
factors converges, so we get auniform error of order L~ 1/3 Therefore, the double contour
integral in (5.1) with z, w in the L’1/6+5-neighborhood of tv° is equal to 1 + O(L~1/3)
times the double contour integral in (C.2) with |u|, [v| < L'/®**. The double contour
integral over the remaining parts of the contours can be bounded by e~ and is
thus negligible. Thus, we get the desired contribution from the small neighborhood of
o°.

Next, write for the real part similarly to (5.10):

LRe(G(w: . x. %) — Gz £, x. £)) = LRe(G(w: 0, x. h(6, x)) — G(z: 0. x. H(®. x)))
—(f' —OL)Rew + (t — OL)Rez + (x’ — hL) log |w| — (x — hL) log 1v°. (5.14)

By Lemmas 5.2, 5.3 and 5.7 there exists § > 0 such that if z or w or both are outside
the §-neighborhood of 1°, the above quantity is bounded from above by —cL for some
¢ > 0. Indeed, this bound is valid for the first line in (5.14) while the terms in the second
line as well as the gauge factor — f L%/ — i L'/3 are of smaller order.

It remains to consider the case when both z, w are inside the §-neighborhood of 1v° but
at least one is outise the L—1/6+e -neighborhood. Let use the notation w = w° +r (1 +1i),
z = m°e'? where we can assume (by shrinking or enlarging the §-neighborhood by a
constant factor) that 0 < r < 6,0 < ¢ < 6, max(r, ¢) > L~1/6%¢ For the first line in
the right-hand side of (5.14) we can write by Lemma 5.7:

LRe(G(w; 0, x.h(0, x)) — G(z: 0, x. b0, x))) < —cL(r +¢").  (5.15)

Adding the terms — f,L2/3 — f{L'/3 to the second line we can estimate its absolute
value as

’_szz/3 — fiL'? — (' —OL)Rew + (r — OL)Rez + (x' — hL) log |w| — (x — hL) log no°

< C2L2/3(r3 + (pz) + c1L1/3r.
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One readily sees that the terms in (5.15) dominate by at least a factor of L% and
thus the contribution to the double contour integral from this remaining case is also
asymptotically negligible. This completes the proof. O

The next two propositions deal with the BBP and the Gaussian cases. As justifications
of estimates in these cases are very similar to the proof of Proposition 5.8, we omit these
arguments and only present the main computations. For the next two statements recall
the notation m,, (4.6).

Proposition 5.10 (Kernel asymptotics, BBP transition). Let (0, x) be at a BBP tran-
sition. Scale the parameters as (5.6), where s, s',h,h’ € R are arbitrary. Then as
L — +00 for fixed s, s’ we have
—1/3

L34+ fL'3 1+0(L ) Bext Y

1 mBmx,(O,m,O)(&h’s ,h'),  (5.16)
with the gauge factors (5.8) and the extended BBP kernel (C.5). The constantin O (L~'/3)
is uniform in the same way as in Proposition 5.8.

K, x;t', x) = el

Proof. Recall that at a BBP transition we have w°(0, x) = W,. The proof is very
similar to the one of Proposition 5.8. We deform the z and w integration contours in
(5.1) so that they are I'ye and Cyyo, respectively, as explained in the beginning of the
subsection. In particular, the pole at w = 1° stays to the right of all the contours. We
then make the change of variables (5.9) in a L~!/6*¢-neighborhood of w°. The scaled
variables z, w belong to the contours given in Fig. 15.

The asymptotic expansions of the exponent (5.10) and the factors (5.11) are the same
at our phase transition. The behavior of the additional summand (5.13) also stays the
same. The difference with the Tracy—Widom phase comes from the asymptotics of the
product (5.12) which must be replaced by

(£0) -2 I1 §(b) —pb)w b)) —z

= (I+o(1))

€O —w, L1 E) - por ) —w
[T ==X+ (5> "
beB: tby=roe 0 ¥ w

Combining these expansions (and omitting error estimates outside a small neighborhood
of the critical point which are analogous to Proposition 5.8) one gets the claim. O

For the next statement recall the quantity 06 (0, x) > 0 (4.9) and denote
06 =060, %), ;=00 x). bh:=b0.x). b =00 x.

Proposition 5.11 (Kernel asymptotics, Gaussian phase). Let (0, x) and (0, x) be in the
Gaussian phase, and scale the parameters as

t=0'L+0s' L% x = W L+o ;W' =)LV,

(5.17)
/' =0L+0gsLY?,  x'=|bL +ogW(s — h)L'?],

where s, s’, h, h’ € R are arbitrary. Then as L — +00 we have with G given by (C.8):

- o l+ OV <
K(t, x; 1, x) = efoL+NL T, ;j}a,c/ba(h;h’), (5.18)
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=\

S

Fig. 16. Local behavior of the integration contours in a neighborhood of the single critical point WW. The
contour Z must lie to the left of the contour ﬁJD/G/D(;. Shaded are the regions where Re(@?) > 0 ie.,
ReG(w) < ReG(WW) locally because G” (W) < 0

where

for=WO —0)1ogW — 1),  fi:=W 05 —0gs+c(s —h) —o5(s' — 1)) logW),
(5.19)

and the constant in O(L™?) is uniform in h, h' belonging to compact intervals, but
may depend on s, s'.

Proof. Recall that in the Gaussian phase we have 0°(0, x) > W, and the critical point
of interest is now W := W, which does not depend on 6. This critical point is single
and not double as in the previous two statements. Deform the z and w contours in (5.1)
to be I'yy and Cyy, respectively. In a neighborhood of W of size L~1/4* (for small
fixed ¢ > 0) make a change of variables

W
w=W+

=W+ —— —Dng/z’

o L1/2’

where Z, i belong to the contours in Fig. 16 and are bounded in absolute value by L!/4*¢.
One can readily check that 0g = \/—G”(WX; 0,x,h),0, = \/—G”(WX; o', x,b).

Observe that h — ' = (0 —0)W and (06)* — (05 )2 = (0 — 0" )W, The exponent
in the kernel can be expanded as

L(Gw; £, 0, %) =Gz L, x, 1)
=L(Gw:0,x.h) — G0, x.b))
- -0 w+(t—0'L)z+ (x'—bL)logw — (x —h'L)logz
= foL+ ALY? — Li? + 122 — h + W'z + o(1),

where fy, f] are given by (5.19). The remaining factors in the integrand in (5.1) are

dwdz dwd?
G—w)  LPWog(—Z+wd,/06)

(1+0(1))
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(the negative sign is absorbed by reversing one of the contours in Fig. 16), and

)mx
Gw

For the additional summand, the conditions 7 > ¢/, x > x’ become simply 8’ > 6.
Then we have using the Stirling asymptotics [Erd53, 1.18.(1)]:

(£0) —2) §() —p)w  &(b) — (
1
(&0) —w) H L §B) = pd)z ED) - = (o)

beB: b<

, e | 2
(t —tH*~* L L2 =
—1,. . f— =1y JoL+fil +0(1)).
t>t, x>x (x —x)! 0'>0€ 112 V@ —0) ( o(1))

0'—60 __ ([~ 2
Yol = (0;/06)" — 1.
Via estimates outside the small neighborhood of the critical point similar to Propo-
sition 5.8 one gets the desired claim. O

Remark 5.12. Since right-and side of (5.18) does not depend on s or s’ for the Gaussian
asymptotics, below in the Gaussian phase we will assume s = 5" = 0.

5.4. Asymptotics of Fredholm determinants. Having asymptotics of the kernel in each
phase, we are now in a position to prove Theorems 4.5 and 4.6 on the limit shape of
the height function of the continuous space TASEP and its joint fluctuations at a fixed
location. We begin with the fluctuation statement.

By Theorem 3.6 (see also Sect. 3.1.5), for fixed x > 0,any £ € Z>1,real 0 < 11 <

- < tg,and hy, ..., hy € Zso, the probability Prob(H(#;, x) > h;, i = 1,...,¢0)
is expressed as a Fredholm determinant of 1 — K on the union of {0, 1, ..., #;} x {#;}.
To deal with the asymptotic behavior of this Fredholm determinant, we need additional
estimates of |KC(z, x; , ¢’, x")| when x’ is far to the left of the values in the scalings (5.6)
or (5.17).

First we consider the double contour integral in (5.1) which we denote by
I, x;t',x'):

Lemma 5.13 (Double contour integral in Tracy—Widom or BBP regime). Let the space-
time point (0, x) be in the Tracy—Widom phase or at a BBP transition. Let t, t' scale as
in (5.6) with arbitrary fixed s, s'. Also, take x to be arbitrary, and

x" < BL +2(10°) %07y s L + w07y (s> — ko) L'/3

for some fixed ko > s> > 0 (independent of L). Then for all large enough L we have

2313
e~ LT -NL |I(t,x;t/,x’)

e—C]LEl
<C
T\ (¥ =L = 2(w°)20%, sL23) — 1

+ L_l/3eC3L1/3(x’—hL—Z(m“)ZOZTWsLZ/3)) ’
(5.20)

where C, ci, €1 > 0 are constants, and f1, f> are the gauge factors (5.8) corresponding
to (t,x;t',x).
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Proof. Parametrize x’ = hL + 2(1’00)20%WSL2/3 +10°07w (s2 — k)L'/3, where k > g
and x as in (5.6) with i’ possibly depending on L. The gauge factors are as in (5.8)
but with & replaced by «. Let the integration contours in Z pass through the double
critical point 10°(6, x) and be as in the proofs of Propositions 5.8 and 5.10. To estimate
|Z(t, x;t', x")|, we bring the absolute value inside and consider the real part of the
exponent which has the form (5.14). Parametrizing the contours w = w° + r(l +1i),
z = w°e¥ and adding the gauge factors — fo L?>/3 — f1L'/3 we see that the resulting
expression in the exponent does not depend on 4’ (which is why x is arbitrary in the
hypothesis). Moreover, « appears only in the terms multiplied by L!/3 which have the
form

1
Sorw® LY — i) (2 log 10° — log(r? + (r + m°)2)> < —cL'3(s? — k) log(r + 1)

for some ¢ > 0 depending only on 6, x, ro® provided that kp > s2. Arguing as in the
proof of Proposition 5.8 we see that if z or w is outside an L~!/**_neighborhood of 10°,

the exponent can be bounded from above by —c L2 times an integral of (r+1)~¢L'">*=%)
over r from 0 to +00, times a polynomial factor in L which can be incorporated into the
exponent. This corresponds to the first term in the estimate (5.20).

When both integration variables are inside the L~!/¢**-neighborhood of tv°, make
the change of variables (5.9) and Taylor expand as in the proof of Proposition 5.8. The
integral of the absolute value of the integrand converges, and the part depending on
produces an estimate of the form < Ce™“ (after taking into account the gauge factors).
This corresponds to the second term in the right-hand side of (5.20) where the factor
L~'/3 in front comes from the change of variables in the double integral. This completes
the proof. O

A similar estimate can be written down in the Gaussian phase. Its proof is analogous
to Lemma 5.13 therefore we omit it.

Lemma 5.14. Let the space—time points (0, x), (0', x) be in the Gaussian phase. Let
t,t scale as in (5.17) with s = s' = 0, x be arbitrary, and

x' <L —ogWioL'"?
for some ko > 0 (independent of L). Then for all large enough L we have

~ ~ —c1 Ll
e_'fOL_'flL]/2|I([’x; t/,.x/)| < C L +L—1/26C3L*]/2(x/_hL) ,
c(x'—hL) —1
where the gauge factors fo, fl areasin (5.19) withs =5’ =0, and C, c;, &1 > 0 are
constants.

Proof of Theorem 4.6. We are now in a position to prove Theorem 4.6 about fluctuations.
First, due to the connection to the determinantal point process (Theorem 3.6) we can
write the probabilities in the left-hand side of (4.10) (in Tracy—Widom or BBP regime)
and (4.11) (in Gaussian regime) as Fredholm determinants of 1 — /C on the space X :=

i} < {0, 1,..., x;}, where 1;, x; scale corresponding to the right-hand sides of
(4 10) or (4.11), and IC is given in (5.1). In more detail, the Fredholm determinant has
the form (cf. Sect. 3.1.5)

—1)" "
1+Z ) Z det [K75yD]) ) s (5.21)
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N $4
i 7!
x3
| > 13
Z2
i > {2
1
1 > 11
0

Fig. 17. The set X over which the Fredholm determinant (5.21) of 1 — /C is taken. Highlighted is the right
edge of X, i.e., the subset contributing to the limiting Fredholm determinant. Here ¢ = 4

where each y” = (t”, x”) runs over the space ule {t;} x{0,1,...,x;}.

We separate the summation over y', ..., y" in (5.21) into two parts, when all y” are
close to the right edge of X (composed of left neighborhoods of {#;} x {x;}), and when
at least one y? is sufficiently far from the right edge of X, cf. Fig. 17. Let us show that
the first part of the sum converges to the Fredholm determinant of the corresponding
limiting kernel, and that the second part of the sum is negligible.

Consider the Tracy—Widom phase, the other cases are analogous. The scaling is

fi = 0L +2w°0% 5, LY3,  x; = [hL +2(0°)%0% 5 L3 + worw (s? — i) L3,

where (6, x) is in the Tracy—Widom phase and sy, ..., s¢, 71, ...,7¢ € R are fixed.
The Fredholm determinant (5.21) expresses the probability Prob(H(¢#;, x) > xi, i =
1, ..., £). Fix sufficiently large positive k1, ..., k¢, and define the right edge X, of X
to be disjoint union of segments from HL + 2(m°)202TWsiL2/3 + mODTW(si2 — k)L
to x; on each level #;. By Proposition 5.8 we have for all n:

—1)"
— > detlKGP yDT 2

n!
- (1+0(L—1/3))ﬂ/.../det[Ae“(w; YO —ydh' .. .dh",
n! ’

where each of the integrals is over Y?” = (s”, h?) € |_|f:1 {s;} x [ri, ki]. The prefactors
(0°07w L'/3)~! are absorbed when we pass from sums to integrals due to our scaling.
We also ignored the gauge factors in Proposition 5.8 because they do not change the
determinants. Taking «; sufficiently large and using the decay of the Airy kernel (e.g., see
[TW94]) leads to the desired Fredholm determinant of 1 —A®*, In the BBP and Gaussian
regime we use Propositions 5.10 and 5.11, respectively, to get similar convergence with
the corresponding limiting kernels. (In the Gaussian phase the right edge has scale L!/2
and not L'/3).

Let us show that the contribution to the Fredholm determinant is negligible when at
least one y? is outside X,.. We again consider only the Tracy—Widom phase as the other
ones are analogous. Fix pg such that y”° is summed over X \ X,.. In (5.21) consider
the n-th sum, and expand the n x n determinant as a sum over permutations o € S(n).
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In each of the resulting n! terms single out the factor containing y”° in the second
place:

j=1

We are interested in K(y?; yP9) which is a sum of the additional term and the double
contour integral Z, cf. (5.1). For Z we use the estimate of Lemma 5.13 (in the Gaussian
phase we would need Lemma 5.14). Namely, the sum of the right-hand side of (5.20) over
yP = (¢, x') outside X, can be bounded in absolute value by C(e '™ log L +e),
where k = minj<;<¢ «;, and this is small for large L as we take large enough «;.

The additional term in IC(y?; y”?) is nonzero when ¢” > 70 and x” > x”°. One
can see similarly to (5.13) that when x?° — x? < —k L'/3 for sufficiently large & > 0,
the additional term is negligible. Otherwise (when x” and x”° are close to each other
within a constant multiple of L!/3) it is not negligible, and in this case, y? (which
we now call yP!) is also outside of X,.. We then proceed by finding the factor in
(5.22) with y”! in the second place, say, IC(y?2; yP1). If tP2 > (P!, this factor can also
contribute a non-negligible additional summand if x2 is close to x”!, and we can repeat
the argument by finding /C(y?3; yP2). However, due to the indicators in front of the
additional term in /C, we must take the double contour integral Z from at least one of
the n factors in (5.22). Therefore, this procedure of finding non-negligible contributions
will eventually terminate and these additional summands are multiplied by an integral
factor. When the additional summands are not small, the corresponding y?i’s are outside
Xre, and thus the integral factor becomes small. We conclude that any non-negligible
additional summands are multiplied by at least one double contour integral factor which
is asymptotically negligible. This establishes the desired convergence of the Fredholm
determinants, and completes the proof of Theorem 4.6. O

Proof of Theorem 4.5. Let us now prove the limit shape theorem that limy _, ;oo L™
H(@, x) = h(8, x) in probability for each fixed (6, x). If (6, x) is in the curved part
(Definition 4.1), then this convergence in probability immediately follows from the
(single-point) fluctuation results of Theorem 4.6. When (0, x) is outside the curved
part, consider the first particle x; of the continuous space TASEP. Since this particle
performs a simple Poisson random walk (in inhomogeneous space), its location satisfies
a Law of Large Numbers. Namely, for fixed 6 > 0:

lim Prob (Jx;(OL) — x.(0)| > &) =0 forall e > 0,
L—+00

where y.(0) is the unique solutionto 6 = fOX du/&(u). This implies that Prob (H (6L, x)
>¢L) — Oforall x > x.(0). For x = x.(0) the critical point equation (5.2) has a
unique solution 1w° = 0, and thus h = 0. One can check that then G (v) (4.7) has a single
critical point at v = 0, and so H(OL, x.(0)) has Gaussian type fluctuations of order
L'/2 around the limiting value (@, x.(9)) = 0. Thus, the limit shape for the height
function L~ at x,. () is also zero, which completes the proof. 0
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5.5. Fluctuations around a traffic jam. In this subsection we analyze fluctuations in the
continuous space TASEP around a down jump of the speed function £(-) at x = 1, see
(4.14). For this particular choice of £(-) the correlation kernel (5.1) has the form

t— 1)y
K&xnﬁﬂ):—hx4ﬁf£__lTr
dwdz R 523
L e Xy L x -
(2711)2%%2& exp{ (Gw; 7. x: 5) G(Z,L,X,L))}l_w,

where G for x > 1 (the regime we’re interested in) is given by

x — 1

1
GWw; 0, x,h)=—60v+hl + + .
(s 0. 1) EE S A

The z contour is a small circle around 0, and the w contour encircles 1/2 and 1.
The scaled time is assumed to be critical 6y = 12 (given by the right-hand side of
(4.13)). Recall that as 0 passes ¢y the limit shape loses continuity at x = 1. Set

x—1=10e >0

(the factor 10 is convenient in the formulas below) and let € = ¢(L) — 0 as L — +o0.
Let us expand the double critical point tv° of G and the limit shape h in powers of e.

Lemma 5.15. For small € > 0, the double critical point and the limiting height function

behave as
021214100 =~ — L& ] LA S e D (5.24)
€) = — — — € — —G + —e4 € €4 ), .
’ 2727 50 700 " 2000 ’
(12, 1+ 10€) = 4 — 10€ + 66 + O(&). (5.25)

Proof. The double critical point 1° satisfies Eq. (5.2) which for our particular £(-) and
6 = 12 becomes (after removing the denominator (v — D3Q2v—1)%)

—11 +20€ + (103 — 20€)v — 30(13 + 2€)v* + 20(38 + 5€)v°
—40(20 + e)v* + 43207 — 96v° = 0. (5.26)

When € = 0, (5.26) has root v = % of multiplicity 4 which after taking the denominator
into account corresponds to a single root.
For small € > 0 there are four roots close to % two of which are complex conjugate

and two of which are real, see Fig. 18. We are interested in the unique root 1w° € (0, %).
Using Implicit Function Theorem to find derivatives of w° in €, we get the desired
expansion (5.24). The expansion of f is obtained using (5.3) which now takes the form

to° 5to°

H(12, 1+ 10¢) = 12r° — —¢
1 — 10°)2 1 )2
(= ()

together with the expansion of w°. This completes the proof. O



Generalizations of TASEP in Discrete and Continuous Inhomogeneous Space
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Fig. 18. Behavior of four roots of (5.26) in the complex plane which become v = % fore =0

Expansion (5.25) implies that %h(lZ, 1+ 106)|€=0 = —o0 but § is continuous at
x = 1 (and (12, 1) = 4). This behavior corresponds to the middle picture in Fig. 13.

In the rest of the subsection we prove Theorem 4.7. The analysis of fluctuations of
the random height function is similar to Sects. 5.2— 5.4. The main difference is in the
asymptotic expansion in the exponent under the integral in the kernel K (5.23) which
leads to different limiting kernels. The large L behavior of this exponent depends on the
relative speeds at which € — 0 and L — oo. To shorten notation let, by agreement,
w°, h, and 97w depend on the parameters € = 12 and x = 1 + 10e. The corresponding
€ = 0 pre-slowdown values w°(12, 1) = %, h(12,1) = 4, and 07w (12,1) = 4 - 5173
will be used explicitly.

We consider three cases based on how € compares with L=4/3 Indeed, (L—4/3)
L~'73 corresponds to the scaling of the integration variables around the double critical
point tv°® which itself is close to 1/2 within €!/4, see (5.24). The interplay of these two
effects leads to the three cases below.

1/4 _

5.5.1. Close to the slowdown Let( < e < L=377 for some y > 0. Scale the parame-
ters as follows (note the differences with (5.6))

t =120 +1w°05., 273123 ¢ = 120 + w03, 27 s L3,
x = [4L + (0°)%03, 27135/ L3 4 woorw (s — )23 L3,
X = |4L + (mo)za%wzq/%ﬁﬁ + m"aTW(sz _ h)2*2/3L1/3J, (5.27)

B 1 Z _ 1 w
=2 2 10ALIA R S TVEYAVER

where z, w belong to the Airy integration contours as in Fig. 15. One can check that

Z

L(Gw; £, 14106, %) — G(z; £, 1+ 10, 1))
11)3 23
= (gauge terms) + 5 s> — (h — s2)w — T S22+ —sHi+o0(l), (5.28)
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where “(gauge terms)” stand for terms which do not depend on z, w and can be removed
by a suitable gauge transformation of the kernel (cf. Remark 5.9). These terms do not
affect the asymptotics of probabilities in question, and we do not write them down explic-
itly. One can also check that the gauge terms coming from the non-integral summand
in (5.23) are the same as the ones arising from the integral. Moreover, the prefactor
10~!1/3L=1/3 in front of the non-integral summand is the same as % 22.10713 713
coming from the change of variables in the double contour integral, and also coincides
with r0°07w272/3L~1/3 corresponding to rescaling the space variable x to h. Repeating
the rest of the argument from Sects. 5.2-5.4 we see that when y = 1+ 10e is close to the
slowdown of &£(-) at 1, the fluctuations of the height function around the pre-slowdown
value h(12, 1) = 4 are given by the Airy kernel.

5.5.2. Far from the slowdown Let € > L™3* for some y € (0, %). Consider the
scaling

t =121 +200°07,s'L*3,  x = L +2(10°)?07s' L3 + w07y (s — W)L/
' =121 + 20005y sL*3, %' = [hL +2(0°)?0% s L2 + worw (s> — i) L3

— o Z — o w
Z=1w + W, w=1mw + W
The new integration variables z, w belong to the contours as in Fig. 15. This scaling is
the same as in the general Tracy—Widom fluctuation regime (5.6) but the coefficients
also depend on L. That is, in contrast with (5.27) here we include corrections of order
larger than €!/4 > L~1/3 directly into ¢, x, ¢/, x’ and the integration variables. One
can readily check that with this scaling the same expansion (5.28) holds (with different
gauge terms). The gauge terms coming from the additional summand in (5.23) are also
compatible with the ones in the integral. In this way we again get the Airy kernel
describing the fluctuations.

5.5.3. Critical scale at the traffic jam This case arises when smaller order terms in
w°(12, 1 +10¢), h(12, 1 + 10¢), and 07w (12, 1 + 10¢) coincide in scale with the natural
Airy corrections of orders L~'/3 and L=2/3. Let ¢ = 107%/38L=4/3, where § > 0 is
fixed. Consider the scaling

t =120 + w02, 27 3'LY3 ) ¢ = 120 + w03y 27 s L,
x = [4L + (0°)?0%, 27135 L3 4 woCory (577 + 25'81/4 — 272313
X = AL + (0203, 27 P L2 4 woory (52 + 25814 — my2 23113, 5:29)

1 z 1 w

SIS VS AVER R I ST VEFAVER

where Z, w belong to the Airy contours (Fig. 15). We have the following expansion:

L(G(w; ¥, 14106, %) — G(z; £, 1+ 10¢, £))
w? -2 e D 2, 8 0
=(gaugeterms)+7—sw —(h—s )w—§+s’z + (W =57+ = —=+0(1).
7w

(5.30)
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The additional summand in (5.23) has the expansion:

(t — 11y~ exp {_M}
t—t)" 4(s"—s)
_1,>,,1x2x/—(x o - —1y- ¢ exp{gauge terms} 0L Jan )

with the same gauge terms as in (5.30). We see that the kernel is approximated by the
deformed Airy, kernel defined in Appendix C.3. The rest of the argument for convergence
of fluctuations can be copied from the proofs in the Tracy—Widom phase in Sects. 5.2—
5.4. This completes the proof of Theorem 4.7.

5.5.4. Remark. Relation to deformations of the Airy kernel from [BPO8] The deformed
Airy kernel that we obtain arises in the edge scaling limit of a certain multiparameter
Wishart-like ensemble of random matrices in the spirit of [BPOS]. In that paper the
authors consider an Airy-like time-dependent correlation kernel with two finite sets of
real parameters. In order to arrive at the kernel of the form At (C.6) one needs to
consider two infinite sequences of perturbation parameters x;, y;, and perform a double
limit transition. This construction is essentially described in Remark 2 in [BPOS], and
our kernel corresponds to setting all parameters except ¢~ to zero.

6. Homogeneous Doubly Geometric Corner Growth

In this section we consider the limit shape and fluctuations of the homogeneous DGCG
model (defined in Sect. 1.2). Our results are one-parameter deformations of the corre-
sponding results for the celebrated geometric corner growth (equivalently, geometric
last-passage percolation) model.

Seta; =1, =B > 0,and v; = v € [, 1), and let H7(N) denote the height
function in this homogeneous DGCG model. Let L — +o0o be a large parameter, the
location and time scale linearly as N = |[nL], T = |tL], where n and t are the
scaled location and time, respectively. Fix T > 0 and define the limiting height function
n — h(z, n) as the following parametric curve:

Bz* (B(1 —22v) +v(l —22) +1)
1+ B2)2(1 = z%v)

B(1—2)2(1 — zv)?

T—wd—2na+p? @7

. (6.1)

n@=rt

where 0 < z < 1. See Fig. 19 for examples. In more detail, we say that (z, 1) is in the
curved part if T > n(1 —v). One can show that for (7, 1) in the curved part there exists
a unique solution to n = 1(z) in z belonging to (0, 1).

Keeping the same parameter z (with z € (0, 1) corresponding to the curved part),
define

1 =vn)
z(1+z8)(1 — 2)3(1 —vz)3

1/3
dz) :=[ (,3+1+v—3zv(1+z,3)+/323v(1+v)+z3v2)] .

One can show that d(z) > 0. Also define

_ 2zd(2)%(1 + Bz)>

A2 : ,
(2) 5

B(z) :=2zd(z)(1 + Bz),  C(2) := zd(2).
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Fig. 19. Limit shapes for varying parameter v. The case v = —f = —% coincides with the limit shape

parabola in the geometric corner growth model

Theorem 6.1. As L — +oo, for all t,n > 0 the scaled DGCG height function
L_lHLtLJ(l_nLJ) converges to h(t,n) in probability (some examples are given in
Fig. 20).

Fix (z,n) = (t,n(2)) in the curved part corresponding to some parameter value

z € (0, 1) (recall that n(z), h(z) also depend on t). For any sy, ...,8¢,r1,...,r¢ € R
we have
lim Prob HLTL+A(Z)SiL2/3J(Ln(Z)LJ) — Lh@) - 3(Z)SiL2/3 > i=1 l
L—+00 G(Z)Ll/3 ! e

= det (1 - Aex{)ule{si]x(r,-Aoo) ’
where A% is the extended Airy kernel (Appendix C.1). In particular, for £ = 1 we have
convergence to the Tracy—Widom GUE distribution:

(Hm 1(In(@)L]) — Lh(z)

lim Prob CQOLIA

L—+00

—I”) = FGUE(V)’ r eR.

Remark 6.2 (Reduction to classical corner growth). For v = —pg the homogeneous
DGCG model turns into the standard corner growth model. Explicit limit shape in the
simpler exponential corner growth model goes back to [Ros81]. For the geometric corner
growth, the limit shape was obtained in [JPS98,CEP96], and [Sep98] using various
approaches. GUE Tracy—Widom fluctuations for the geometric corner growth are due to
Johansson [Joh00].

For v = —g the curve (6.1) becomes
Bl —2)? B
1= Tpara2p O T Ta2p

which after excluding z reduces to

n+h+2,/ghy
T=—"

l1-q
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(a) (b)
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Fig. 20. Simulations of the homogeneous DGCG with = % (as in Fig. 19), unscaled time 7" = 500, and

(@v = *z]T (parabolic limit shape), (b) v =0, (c) v = %, dv= % These figures use the interpretation of
DGCG as parallel TASEP (Appendix A.1) and are thus rotated by 45°

under the identification of the parameters = q~! — 1, where q € (0, 1) is the parameter
of the geometric waiting time in the notation of [Joh00]. Setting » = 1 and h = y turns
the right-hand side into the limiting value of the last-passage time N~'G*(|y N], N)
from [Joh0O]. The latter corresponds to the parabolic limit shape in the geometric corner
growth / last-passage percolation. See Figs. 19 and 20 for an illustration of how the
DGCG limit shapes form a one-parameter extension of this parabola.

In the rest of the section we outline a proof of Theorem 6.1, mainly focusing on the
contour estimates required for the steepest descent analysis. In view of Remark 6.2, we
will not consider the particular case v = —f extensively studied previously, and will
assume that v € (=8, 1).

First, note that for v < 0 the connection of DGCG to Schur measures decribed in
Sect. 3.2 breaks since Schur processes are not well-defined for negative parameters.
However, both the homogeneous DGCG model and the limit shape curve (6.1) depend
onv € [—f, 1) in a continuous way. Moreover, the kernel Ky (3.16) and its Fredholm
determinants like (3.19) clearly make sense for negative v. The probability distribution
of the height function Hr (N) of the homogeneous DGCG depends on v in a polynomial
(hence analytic) way. Therefore, we can analytically continue formulas expressing the
distribution of Hy (N) as Fredholm determinants of Ky into the range v € (—p, 1). This
allows us to study the asymptotic behavior of the homogeneous DGCG forv € (-8, 1)
by analyzing the same kernel Ky .
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Let us write down the specialization of Ky to the homogeneous case:

by 1+
27i Z)c—x’+1
L] 7§7§ dzdw w*™N (1—w\" ' 01+B82T [1-2z\V
(2mi)? z—w ¥V 1 —zv A+8wT" \1—-w/) °
The z contour is a small positive circle around 0 which does not include 1/v, and the w
contour is a small positive circle around 1 which is to the right of 0, —1/8, and the z
contour.
The asymptotic analysis of Ky follows essentially the same steps as performed for

the continuous space TASEP in Sect. 5. That is, we write Ky as in (5.1) with the function
in the exponent under the double integral looking as

Kyv(T,x; T, x") =

(6.2)

Si(z) = Si(z; T, N h)'—ﬁlo NEABE N (1- )—Zlo (1+8 )—Elo (1—2)
L(2) =S.@ T, N, h):= —logz 7 g vz) — o log )= log 2),
where i = x + N. The scaling of the parameters 7 = [tL|, N = |nL] means that we
can modify the function Sy, to be

Sp(z) = %logz +nlog(l —vz) — tlog(l + Bz) — nlog(l — 2). (6.3)

Indeed, the difference in the exponent is either small or can be removed by a suitable
gauge transformation.

We find the double critical point z = zy, of S1,(z), and deform the integration contours
so that the behavior of the double contour integral is dominated by a small neighborhood
of z;. To complete the argument we need to show the existence of steep ascent/descent
integration contours. That is, we find new contours y4+ such that ReSy (z) attains its
minimum on y, at z = zy, and ReSy (w) attains its maximum on y_ at w = zj .

In the sequel we assume that (t, n) is in the curved part: T8 > n(1 —v). Moreover, we
will always assume that 7 < tL as the corresponding pre-limit inequality Hr (N) < T
holds almost surely by the very definition of the DGCG model.

One readily sees that Sy (z) has three critical points, up to multiplicity, since the
numerator in S} (z) is a cubic polynomial. In the curved part there exists hy such that
S (z; T, N, hy) has a double critical point z; € (0, 1). Taking this double critical point
as a parameter of the limit shape and expressing h and n (for fixed ) through this critical
point, we arrive at the formulas for the limit shape (6.1).

The next two Lemmmas 6.3 and 6.4 determine the location of the third critical point
of Sy, (which must also be real).

Lemma 6.3. The function Sy, (6.3) has the following limits:

lim ReS;(z) = lim ReSr(z) = lim ReSy(z) = —o0,
7—>00 Z—)\J*l 7z—0

. . 6.4)
lim ReS;(z) = lim ReSz(z) = oo.
7——p! 7—1
Proof. This follows from the limits log |v| — —oco as v — 0 and log |[v| — o0 as
v — oo. The signs of the infinities are determined by the signs of the parameters. At
v—>ooweuseh/L <t. O

Lemma 6.4. The function Sy (6.3) has a real critical point vy € (—oo, v™1).
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Fig. 21. Steepest ascent/descent contours for Sy (z; T, N, hy ). The steepest ascent contours comprising 4
are solid red, and possible options for the steepest descent contours comprising y— are dashed blue

Proof. It suffices to show that S} (v1) < 0 and S (v2) > 0 for a pair of real points
vy, v2 € (—o0, 1/v). We have that S/L(z) — —oo as v — (1/v)~. This establishes
the existence of v € (—oo, 1/v) such that S’L (v1) < 0. Also, we have that vS’L(v) —
h/L —t < 0 as v — —oo. This establishes the existence of v, € (—o0, 1/v), near
negative infinity on the real axis, such that S} (v2) > 0. Therefore, there is vy € (v2, v1)
such that S} (vg) =0. O

As the new contours y+ we take the steepest ascent/descent paths. Recall that for
a meromorphic function f : C — C, an oriented path y : [0, 1] — C is a steepest
path with base point zo € C if y is smooth, travels along the gradient of Re f (i.e.
y'(t) - VRe =y = Ay’ (1)), and y (0) = zo. If Ref is increasing or decreasing
along y, we say that y is a steepest ascent or descent path, respectively.

Proposition 6.5. Consider the function Sy (z; | tL], |nL], hp) which has a double crit-
ical point at 7 = zy. There is a pair of steepest ascent paths with base point 2y, denoted
as yﬂfl) and %52) (symmetric with respect to R), so that y, := yfl) U %EZ) is a simple
closed curve enclosing the origin and traveling through —B~". There is a pair of steepest
descent paths with base point Z1,, denoted as yﬁl) and yiz) (also symmetric with respect

to R), so that y_ := yil) U yﬁz) is a simple closed curve (on the Riemann sphere) that
travels through a real point in [—oo, 1/v]. See Fig. 21 for an illustration.

The contours y; and y_ are assumed to have positive (counterclockwise) orientation.

Remark 6.6. Inthe proofs in Sect. 5 we took concrete integration contours which were not
the steepest, and this required estimating the derivative of ReSy, along the contours. For
the relatively simpler function (6.3) we can in fact understand the global configuration
of the steepest ascent/descent contours, and this allows to avoid concrete estimates of
derivatives of ReSy.

Proof of Proposition 6.5. Since Sy (z) is analytic at the critical point z;, we know the
local shape of all of the steepest paths with base point z; . To establish the global structure
of the paths we use the following properties:



A. Knizel, L. Petrov, A. Saenz

1. ReS(z) = ReS.(2);

2. steepest paths for a meromorphic function only intersect at critical points or singu-
larities;

3. the end point of any steepest path is a critical point, or a singularity, or infinity.

The first property implies that yfl) and yfz) are symmetric with respect to the real
line, and the same for y(l) and y(z).

Since zj, is a double critical point and S’L” (zr) > 0, there are six distinct steepest
descent paths with base point z;: an ascent path along the real axis from z; to 1, a
descent path along the real axis from z;, to 0, and four other paths which we denote by

)/Jfl), y+(2) ) }/ﬁz) , and yﬁl) (in counterclockwise order). We know that the paths yfl) and

yfz) are (locally) to the left of y(l) @

The end point of yﬁl) must be a singularity or a critical point. By the limits of

Lemma 6.3 and recalling the simple critical point vg € (—o0, 1/v) from Lemma 6.4,
the end point of yil) must be 0, 1/v, vy, or co. It follows that y_ = yil) U 7/52) must
be a simple closed curve (on the Riemann sphere) passing through one of the points 0,
1/v, v, or co. The union y, = yfl) U y+(2) of the steepest ascent paths with base point
zy is a simple closed curve passing through —1/8 or 1.

The curves y, and y_ cannot intersect outside R as this would imply existence of
additional imaginary critical points or singularities of Sy (z), which is not possible. Thus,
¥+ cannot pass through 1, and y_ cannot pass through 0. We are left with the steepest

paths described by the statement of this proposition, which are depicted in Fig. 21. O

and y

To finish the proof of Theorem 6.1, it remains to show that the z and w integration
contours in the kernel Ky (6.2) can be deformed to y, and y_, respectively.

The old z contour is a small circle around 0, and — ,8_1 is not a pole in z. Therefore,
we can replace the z contour by y,. without picking any residues. We then deform the w
contour to (—y_) by passing over infinity in the Riemann sphere. In this deformation, the
only possible residue contribution can come from infinity since the integrand is analytic
elsewhere along the deformation. Counting the powers of w as w — oo in (6.2) (or
recalling that Sz (w) — —o0 as w — 00) we conclude that the integrand does not have
aresidue at w = 0o, and thus the deformation can be performed.

The orientation of y_ is negative after the deformation. This sign is the same extra
factor of (—1) arising in the proof of Proposition 5.8. Taking this orientation into account
we see that the limiting Airy fluctuation kernel has the correct sign. We omit the straight-
forward computation of the constants in the Airy kernel limit in Theorem 6.1.
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A. Equivalent Models

Here we discuss a number of equivalent combinatorial formulations of our discrete
DGCG model. For simplicity we consider only fully homogeneous models with a; = a,



Generalizations of TASEP in Discrete and Continuous Inhomogeneous Space

v; = v, B = B. In Appendix A.4 we also describe an equivalent formulation of the
(homogeneous) continuous space TASEP.

A.l. Parallel TASEP with geometric-Bernoulli jumps. Let us interpret the doubly geo-
metric corner growth Hy (N) as a TASEP-like particle system.

Definition A.1. The geometric-Bernoulli random variable g € Zxo (gB variable, for
short; notation g ~ gB(ap, v)) is a random variable with distribution

1. 1 =g
Prob(g = j) := J=0 +aﬂ jzi (v+ap v’
1+aB 1+aB \1+apB 1+ap

j S ZZO-
Definition A.2. The geometric-Bernoulli Totally Asymmetric Simple Exclusion Process
(gB-TASEP, for short) is a discrete time Markov chain {G(T)}rez., on the space of

particle configurations G = (G1 > G2 > ...) in Z, with at most one particle per site
allowed, and the step initial condition G;(0) = —i,i =1,2,....

The dynamics of gB-TASEP proceeds as follows. At each discrete time step, each particle
G ; with an empty site to the right (almost surely there are finitely many such particles
at any finite time) samples an independent random variable g; ~ gB(af, v), and jumps
by min(g;, Gj—1 — G; — 1) steps (with Gy = +oo by agreement). See Fig. 4 (in the
Introduction) for an illustration.

Proposition A.3. Let Hr (N) be the DGCG height function. Then for all T € Z>o and
N € Z=1 we have

Hr(N)=#{i € Z>1: Gi{(T)+i+1> N},

where {G;(T)} is the gB-TASEP with the step initial configuration.

Remark A.4. Replacing particles by holes and vice versa in gB-TASEP one gets a
stochastic particle system of zero range type. It is called the generalized TASEP in
[DPP15].

A.2. Directed last-passage percolation like growth model. Let us present another equiv-
alent formulation of DGCG as a variant of directed last-passage percolation. For each
N € Z>3 and H € Z>1, sample two families of independent identically distributed
geometric random variables:

e Wx m € Z> has the geometric distribution with parameter w := aff/(1 +ap), that
is, Prob(Wy g = j)=w/(1 —w), j > 1.
e Uy .H € Z>0 has the geometric distribution

Prob(U y 1—v fv+ap j 50
ro =j)= , >0,
NH=J l+aB \1+ap /

which is the homogeneous version of (1.3)—(1.4).



A. Knizel, L. Petrov, A. Saenz

Fig. 22. Directed last-passage percolation formulation of DGCG. The independent random variables Wy g
and Uy, g are written in rectangular boxes in each cell, and the variables L g (times at which each cell is
covered by the growing interface) are circled. Shaded are the cells which are covered instantaneously during
the growth

Define a family of random variables Ly g € Z>1, N > 2, H > 1, depending on the
W’s and the U’s via the recurrence relation

Ly g :=max(Ln_1,u, Ly g—1)+Wn H

N-2 (A 1)
- WN»HILN—I.H>LN,H—1 Z ILN—I.H:"':LN—j.H>LN—j—1.HIUN—j.HZj’
Jj=1
together with the boundary conditions
Lig=LNno=0, H=>0 N>1. (A.2)

An example is given in Fig. 22.

Proposition A.5. The time-dependent formulation { Hr (N)} (with homogeneous param-
eters) and the last-passage formulation {Ly p} are equivalent in the sense that

Ly g =min{T: Hr(N) = H}
forall H>1, N > 2.

Proof. In {H7(N)} acell (N, H) in the lattice can be covered by the growing interface
atthe step T — T + 1 in two cases:

e it was an inner corner, and event (1.2) occurred;
e it was added to the covered inner corner instantaneously according to the probabil-
ities (1.3)—(1.4).

Here Wy p is identified with the waiting time to cover (N, H) once this cell becomes
an inner corner. The coefficient by Wy g in the second line in (A.1) is the indicator
of the event that the cell (N, H) is covered instantaneously by a covered inner corner
at some (N — j, H). The random variable Uy _; g is precisely the random number of
boxes which are instantaneously added when (N — j, H) is covered, and it has to be at
least j to cover (N, H). Moreover, it mustbe Ly_1. g > Ly p—1, this corresponds to
the truncation in (1.3). When (N, H) is covered instantaneously (so that the indicator is
equalto 1), wehave Ly g = Ly—1,m,and Wy g isnotadded. O
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Fig. 23. Interpreting G ; (T') as first-passage percolation times

Remark A.6. The first line in (A.1) corresponds to the usual directed last-passage
percolation model with geometric weights. Denote it by Ly g, ie., Lyng =
max(Ly—1,7, Ly, g—1) + Wy, g (with the same boundary conditions (A.2)). Almost
surely we have Ly g > Ly, g for all N, H. Limit shape and fluctuation results for
Ly, were obtained in [JohOO] (for the homogeneous case ay = a). In Sect. 6 we
compare our limit shape with the one for Ly g.

A.3. Strict-weak first-passage percolation. Any TASEP with parallel update and step
initial configuration can be restated in terms of the First-Passage Percolation (FPP) on a
strict-weak lattice. Let us define the FPP model. Take a lattice {(T, j): T >0, j > 1},
and draw its elements as (1, 0)7T + (1, 1)j C R2, see Fig. 23. Assign random weights to
the edges of the lattice: put weight zero at each diagonal edge, and independent random
weights with gB distribution (Definition A.1) at all horizontal edges. This model (with
the gB distributed weights) appeared in [Mar09] together with a queuing interpretation,
see Remark A.8 below. Its limit shape was described in [Mar09] in terms of a Legendre
dual.

We consider directed paths on our lattice, i.e., paths which are monotone in both 7" and
Jj . For any path, define its weight to be the sum of weights of all its edges. Let the first
passage time F;(T) from (0, 0) to (T, j) to be the minimal weight of a path over all
directed paths from (0, 0) to (T, j).

Proposition A.7. We have F;(T) = G j(T+j—1)+] forall j, T (equality in distribution
of families of random variables), where G j(T) is the coordinate of the j-th particle in
the gB-TASEP started from the step initial configuration.

Proof. The first passage times satisfy the recurrence:
Fi(T) = min(F;—(T), F;j(T — 1) +wj 1),

where w; 7 is the gB random variable at the horizontal edge connecting (j, T — 1) and
(j, T). At the same time, the gB-TASEP particle locations satisfy

G;i(T)=min(G; (T -1 —1,G;(T -1 +wj;7r),

where w; 7 is the gB random variable corresponding to the desired jump of the j-th
particle at time step 7 — 1 — 7. One readily sees that the boundary conditions for these
recurrences also match, which completes the proof. 0O
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The FPP times F;(T) have an interpretation in terms of column Robinson—Schensted—
Knuth (RSK) correspondence. We refer to [Ful97,Sag01,Sta01] for details on the RSK
correspondences. Applying the column RSK to a random integer matrix of size j x (T +
j — 1) with independent gB entries, one gets a random Young diagram A = (A > --- >
Aj > 0) of at most j rows. The FPP time is related to this diagram as F;(T) = A;.
The full diagram A can also be recovered with the help of Greene’s theorem [Gre74]
by considering minima of weights over nonintersecting directed paths in the strict-weak
lattice with edge weights coming from the integer matrix.

To the best of our knowledge, the gB distribution presents a new family of random
variables for which the corresponding oriented FPP times (obtained by applying the
column RSK to a random matrix with independent entries) can be analyzed to the point
of asymptotic fluctuations. Other known examples of random variables with tractable
(to the point of asymptotic fluctuations) behavior of the FPP times consist of the pure
geometric and Bernoulli distributions. Under a Poisson degeneration, the question of
oriented FPP fluctuations can be reduced to the Ulam’s problem on asymptotics of the
longest increasing subsequence in a random permutation. Tracy—Widom fluctuations in
the latter case were obtained in the celebrated work [BDJ99].

Remark A.8. The oriented FPP model (as well as the TASEP with parallel update) is
equivalent to a tandem queuing system. For our models, the service times in the queues
have the gB distribution. We refer to [Bar01,0’C03a,Mar(09] for tandem queue inter-
pretation of the usual TASEP as well as of the column RSK correspondence. See also
the end of Sect. 1.6 for a similar interpretation of the continuous space TASEP.

A.4. Continuous space TASEP and semi-discrete directed percolation. The homoge-
neous version (i.e., with £(x) = 1) of the continuous space TASEP with no roadblocks
possesses an interpretation in the spirit of directed First-Passage Percolation (FPP). This
construction is very similar to a well-known interpretation of the usual continuous time
TASEP on Z via FPP. We are grateful to Jon Warren for this observation.

Fix M € Z> and consider the space R>¢ x {1, ..., M} in which each copy of R>¢
is equipped with an independent standard Poisson point process of rate 1. See Fig. 24
for an illustration. Let us first recall the connection to the usual continuous time, discrete
space TASEP (X (t) > Xa(t) > ...), Xi(t) € Z, t € Ry, started from the step
initial configuration X;(0) = —i, i = 1,2, .... In this TASEP each particle has an
independent exponential clock with rate 1, and when the clock rings it jumps to the right
by one provided that the destination is unoccupied. Fixt € R.g.Foreachm =1,..., M
consider up-right paths from (0, 1) to (¢, m) as in Fig. 24. The energy of an up-right path
is, by definition, the total number of points in the Poisson processes lying on this path.

Proposition A.9. For each m and t, the minimal energy of an up-right path from (0, 1)
10 (t, m) in the Poisson environment has the same distribution as the displacement
X (t) + m of the m-th particle in the usual TASEP.

For the continuous space TASEP consider a variant of this construction by putting
an independent exponential random weight with mean L~ at each point of each of the
Poisson processes as in Fig. 24. That is, let now the weight of each point be random
instead of 1. One can say that we replace the Poisson processes on R~ x {1, ..., M}
by marked Poisson processes. This environment corresponds to the continuous space
TASEP (X1(¢) > X2(t) > ...), Xi(t) € R>o:
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Fig. 24. A minimal energy up-right path from (0, 1) to (7, 4) in the semi-discrete Poisson environment. We
have X4(t)+4 =3

Proposition A.10. Foreacht > Oandm = 1, ..., M the minimal energy of an up-right
path from (0, 1) to (t, m) in the marked Poisson environment has the same distribution
as the coordinate X, (t) of the m-th particle in the continuous space TASEP with mean
jumping distance L™

Both Propositions A.9 and A.10 are established similarly to Proposition A.7 while
taking into account the continuous horizontal coordinate. The interpretation via minimal
energies of up-right paths also allows to define random Young diagrams depending on
the Poisson or marked Poisson processes, respectively, by minimizing over collections
of nonintersecting up-right paths. Utilizing Greene’s theorem [Gre74], (see also [Ful97,
Sag01], or [Sta0O1]) one sees that in the case of the usual TASEP the distribution of
this Young diagram is the Schur measure o s, (1, ..., l)sk((); 6; t). It would be very
interesting to understand the distribution and asymptotics of random Young diagrams
arising from the marked Poisson environment.

B. Hydrodynamic Equations for Limiting Densities

Here we present informal derivations of hydrodynamic partial differential equations
which the limiting densities and height functions of the DGCG and continuous space
TASEP should satisfy. These equations follow from constructing families of local trans-
lation invariant stationary distributions of arbitrary density for the corresponding dynam-
ics. The argument could be made rigorous if one shows that these families exhaust all
possible (nontrivial) translation invariant stationary distributions (as, e.g., it is for TASEP
[Lig0O5] or PushTASEP [Gui97,AGO05]). We do not pursue this classification question
here.

B.1. Hydrodynamic equation for DGCG. Consider the discrete DGCG model in the
asymptotic regime described in Sect. 6. Locally around every scaled point n the distri-
bution of the process should be translation invariant and stationary under the homoge-
neous version of DGCG on Z (recall that it depends on the three parameters a, S, v).
The existence (for suitable initial configurations) of the homogeneous dynamics on Z
can be established similarly to [Lig73,And82].
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A supply of translation invariant stationary distributions on particle configurations
on Z is given by product measures. That is, let us independently put particles at each
site of Z with the gB probability (cf. Definition A.1)

1—c

, J=0
7 (j) := Prob(j particles at a site) = I-ev (B.1)
J-od-v

1—cv

Proposition B.1. The product measure w®% on particle configurations in Z correspond-
ing to the distribution w (B.1) at each site is invariant under the homogeneous DGCG
on 7, with any values of the parameters a and p.

Proof. Let us check directly that 7 is invariant, i.e., satisfies

nk+D)Pk+1—>k)+ak—1)Pk—1—k)+n(k)Pk — k) = k),
k=0,1,2,..., (B.2)

where P(k — [) are the one-step transition probabilities of the homogeneous DGCG
restricted to a given site (say, we are looking at site 0). The probability that a particle
coming from the left crosses the bond —1 — 0 is equal to’

wi=Y 70" (1 - 20y <” +“ﬂ> ach

= I+aB \1+ap 1+acB

where we sum over the number of empty sites to the left of 0, multiply by the probability
that a particle leaves a stack, and then travels distance n. We have

P(k+l—>k):%(1—u),

the probability that a particle leaves the stack at 0, and another particle does not join it
from the left. Moreover, for k > 1 we have

u(l —v) u
Pho1loh =" v 1,
k=l=>k =g bt g L

where for k = 1 we require that the moving particle stops at site 0, and for k£ > 2 we
need the stack at O not to emit a particle. Finally,

. u(l —v) aBu 1—u
P(k ad k) = <1 — m) 1k:0+ <m+m) lkZl»

where we require that no particle has stopped at site O for k = 0 and sum over two
possibilities to preserve the number of particles at O for k£ > 1. With these probabilities
written down, checking (B.2) is straightforward. O

9 Note that this calculation is greatly simplified by the fact that the update is parallel, otherwise we would
have to take into account the full behavior on the left half line. A way to deal with this issue for the stochastic
six vertex model (which is not parallel update) is discussed in, e.g., [Agg18].
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The density of particles under the product measure 7®% is p(c) = %, and
the current (i.e., the average number of particles crossing a given bond) is equal to the
quantity u from the proof of Proposition B.1, thatis, j(c) = 4B Thus, the dependence

1+caB
of the current on the density has the form (where we recall that the parameters a, v depend

on the space coordinate 7)

2app
2aﬁp+v(p—1)+,0+1+\/(v(,0—1)+,0+1)2—4v,02.

J(p) = (B.3)

The partial differential equation for the limiting density p(t, 1) expressing the continuity
of the hydrodynamic flow has the form [AK84,Rez91,Lan96,GKS10]

d a
SoP@m+ 8n](p(f, n) =0. (B.4)
One can readily verify that the limit shape (6.1) satisfies this equation. Equation (B.4)
should also hold for the scaling limit of the inhomogeneous DGCG, when the parameters
a, B, v of the homogeneous dynamics on the full line Z depend on the spatial coordinate
n. That is, one should replace j(p(z,n)) (B.3) by j(p(z,n);n) witha = a(n),a =
B(n), a = v(n) being the scaled values of the parameters.

B.2. Hydrodynamic equation for continuous space TASEP. Assume that the set of road-
blocks B is empty. Then locally at every point x > O the behavior of the continuous
space TASEP should be homogeneous. Locally the parameters can be chosen so that the
mean waiting time to jump is 1/& = 1/£(x) and the mean jumping distance is 1.

The local distribution (on the full line R) should be invariant under space translations,
and stationary under our homogeneous Markov dynamics. The existence (for suitable
initial configurations) of the dynamics on R can be established similarly to [Lig73,
And82].

A supply of translation invariant stationary distributions of arbitrary density may be
constructed as follows. Fix a parameter 0 < ¢ < 1 and consider a Poisson process
on R with rate (i.e., mean density) ;<. Put a random geometric number of particles
at each point of this Poisson process, independently at each point, with the geometric
distribution

Prob(j > 1 particles) = (1 — ¢)¢/ ™.

Thus we obtain a so-called marked Poisson process — a distribution of stacks of particles
on R.Itis clearly translation invariant. The stationarity of this process under the dynamics
(for any &) follows by setting g = 0in [BP18b, Appendix B] so we omit the computation
here.

The density of particles under this marked Poisson process is

c

P=a=—or

One can check that the current of particles (that is, the mean number of particles passing
through, say, zero, in a unit of time) has the form

¢ 1+2p—/1+4p

2p

j=kc=
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The partial differential equation for the limiting density p(@, x) (under the scaling
described in Sect. 4.1) expressing the continuity of the hydrodynamic flow has the

form pg + (j(p))y =0, or

1+2p(8, x) — V/1+4p(6, x)
2p(8, x)

0 0
8_9'0(9’ X))+ a[S(X) ] =0, p0,x) =+oc0l,_o.

(B.5)

The density is related to the limiting height function as p (0, x) = — —b(@ Xx), and so
b should satisfy

0,
b, (0, x) = —— X0 ) = ool (B.6)

(EGO — b6, )’

The passage from (B.5) to (B.6) is done via integrating from y to +oo followed by
algebraic manipulations. One can check that the limit shape in the curved part

§(u)w® (6, x)du
() —w°(9, x))?

h®, x) =0w°@O, x) —

from Definition 4.3 indeed satisfies (B.6) whenever all derivatives make sense. Such a
check is very similar to the one performed in the discrete case in Appendix B.1 (and also
corresponds to setting ¢ = 0 in [BP18b, Appendix B]), so we omit it for the continuous
model.

C. Fluctuation Kernels

C.1. Airy, kernel and GUE Tracy—Widom distribution. Let Ai(x) := % i el /3+iox g
be the Airy function, where the integration is over a contour in the complex plane from

ei%ﬂoo through 0 to €16 00. Define the extended Airy kernel!? [Mac94,FNH99,PS02]
on R x R by

% e Aj(x + WA + wdp,  ifs > s

A5 x: s/, x") = f 0 s pi o, . ,
— [7 e MR + WA + wdp, ifs <s

) P < (x —x )2

./471(s 4(s" —5)
1 1

//exp sx—sx—§s3+3 B —sDu+ @ — s

dudv

u-—v

(s —s)(x+x)+—(s - )3> €.

(2711)2

—su2+sv2+ (u ))

. . . . _jm
In the double contour integral expression, the v integration contour goes from ¢ ™" 3 00
s 2 . .
through 0 to e‘Tﬂoo, and the u contour goes from e~'3 oo through 0 to e‘%oo, and the

10" I this paper we deal only with the Airy, kernel and omit the subscript 2.
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integration contours do not intersect. This expression for the extended Airy kernel which
is most suitable for our needs appeared in [BKO08, Section 4.6], see also [JohO03].
We also use the following gauge transformation of the extended Airy kernel:

_ 13 _ 1y
Aext(s x: 5 x) — ¢ sx+s'x'+357— 35 Aext(s x: Y x)

I . (_(s —x—s +x’)2>

BN R A(s' —s) (C.2)
1 / / / 1 dudv

+W//exp(—(x—s2)u+(x —sz)v—su2+sv2+§(u3—u3)>u_v,

When s = s/, A%(s, x; s, x") becomes the usual Airy kernel (independent of s):

3/2_.3/2_ /
A(x‘ x/) — Aext(s X' s x/) _ 1 // e [3=v7/3=xutx Vdu dv
o T (2mi)? u—v (C.3)
Ai()AI (") — AT (x)AI(x/) ,
= x,x eR.
X — x

The GUE Tracy—Widom distribution function [TW94] is the following Fredholm deter-
minant of (C.3):

Foup(r) =det(1 —A)1a0), 7 ER, (C.4)

defined analogously to (3.15) with sums replaced by integrals over (7, +00).

C.2. BBP deformation of the Airy, kernel. Fix m and a vectorb = (b1, ..., by) € R™.
Define the extended BBP kernel on R x R by

Bex ( ) _ 1y ex (7 (52 —x—s"? +X,)2>
(s, X3 s x 7ﬁn(s/ —y p —4(5/ —9
(Zm)2 //1_[

du dv

u—v

(C.5)

1
exp —x=sDu+ @ — 5P —sut+507 + g(u3 — v3))

The integration contours are as in the Airy kernel (C.1) with the additional condition
that they both must pass to the left of the poles b;.
For s = s’ = 0 this kernel (denote it by B,, p(x, x")) was introduced in [BBPO05] the
context of spiked random matrices. The extended version appeared in [ISO7]. In this
paper we are using the gauge transformation similar to (C.2), hence the tilde in the
notation. Denote for b = (0, ..., 0) the corresponding distribution function by

Fn(r) = det(l — Bm,b)(HOO), r e R.
Remark C.1. Note that in several other papers, e.g., [BCF14,Bar15,BP18b] the kernel
like (C.5) has the reversed product [ ], '; Z’ , but the contours pass to the right of the
poles. Such a form is equivalent to (C.5). In [BP0O8] a common generalization with poles
on both sides of the contours is considered.




A. Knizel, L. Petrov, A. Saenz

C.3. Deformation of the Airy, kernel arising at a traffic jam. For § > 0 introduce the
following deformation of the extended Airy, kernel (C.2):

~ | (s2=—x—s2+x)?
Aexl,& X /’ N — _ s<s§ _
(s,x;8,x) 471(?/ =5 exp( 16 —s) )
1 dud
(2711)2 // (f e — = 5Du+ & = 5P —suP + 50+ g(u3 — v3)) uu_ Z

(C.6)

with the same integration contours as in the Airy kernel with the additional condition that
they both pass to the left of 0. This kernel can be related to certain random matrix and
percolation models considered in [BP08], see Sect. 5.5.4 for details. A Fredholm deter-
minant at s = s’ of this kernel is a deformation of the GUE Tracy—Widom distribution
(C4):

FSip(r) = det(1 = A2 (s, 5 s reR. (C.7)

’ '))(r,+oo)’

Note that this deformation additionally depends on s in contrast with the undeformed
case, so the deformation breaks translation invariance of the kernel and the process.
When § = 0, both the extended kernel (C.6) and the deformed Tracy—Widom GUE
distribution turn into the corresponding undeformed objects.

One can show by a change of variables in the integral in (C.6) that F, ((;‘SUOE (r+26 %) —

FouE (2_%1") as § — +o0. This explains why the deformed distribution F, gUO})E arises at

a phase transition between two GUE Tracy—Widom laws. We are grateful to Guillaume
Barraquand for this observation.

C.4. Fluctuation kernel in the Gaussian phase. Letm € Z>1 and y > 0 be fixed. Define
the kernel on R as follows:

(h—h"y)?
eXp {_ 2071

1, —=r 1
SN (C.8)

dzd
2// xp ——w2+2z —hw+hz}< ) Sk
(27‘[1) wy) z—wy

The z contour is a vertical line in the left half-plane traversed upwards which crosses
the real line to the left of —y. The w contour goes from e 500t0—110el5.
For y = 1 a Fredholm determinant of this kernel describes the distribution of the largest

eigenvalue of an m x m GUE random matrix H = [Hij]?,ljzl’ H* = H, ReH;; ~

N(O, ]+12i=j ), i >j,ImH;; ~ N(O, %), i > j.Thatis, the distribution function of the
largest eigenvalue is

G (hi h') =

G(r) = det(1 — G

m,l)(r,+oo)‘

The extended version (C.8) appeared in [EM98,1S05] (see also [ISO7]).
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